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ABSTRACT OF THE THESIS 

Detecting Fraud in Publicly Traded Companies:  

Using Content Analysis to Identify Patterns of Fraud in Open Source Content 

A Critical Examination 

By 

David R. Krauza, II 

Master of Science in Applied Intelligence 

Mercyhurst University, 2013 

Assistant Professor Shelly L. Freyn, Chair 

 

Corporate fraud imposes significant financial costs on the United States economy each 

year. Fraud comes in many forms and can be difficult to detect before the consequences 

of such activity have already occurred. Using open source documents of publicly traded 

firms, this study applies content analysis in an attempt to detect indicators of fraudulent 

activity. The Accounting and Auditing Enforcement Releases published by the Securities 

and Exchange Commission (SEC) were utilized to identify fraudulent companies for the 

analysis.  Unaudited narrative content from SEC regulatory filings, CEOs letters to 

shareholders, and transcripts of earnings calls of both fraudulent and control companies 

were then analyzed using CATPAC and WordStat software packages.  

Semantic neural network analysis demonstrated that fraudulent companies have 

distinctly different themes that emerge in their content as compared to companies that 

have not been accused of fraud. Further analysis indicated relationships in financial 

sentiment keywords and statistically significant differences in the themes between 



 

 

 

companies. Finally, results indicate that the overall sentiment of the content from 

companies engaged in fraud is different from the content of the control group. Overall, 

the study implies that there are identifiable indicators of fraud in the open source content 

of publicly traded companies. It also appears that content analysis techniques may be 

useful in identifying companies that may be entering into fraudulent activities.   
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INTRODUCTION 

Introduction to the Problem 

Corporate fraud takes many forms and the existing tools to detect deceit may not 

be sufficient to proactively identify malfeasance. Managers of a corporation may engage 

in fraudulent activity for several reasons, including concealment of true business 

performance, preservation of personal status/control, or to maintain personal income and 

wealth (Wells, 2011). There are three general ways in which fraud is carried out in 

corporations; the first is using the accounting system to generate results desired by the 

fraudsters, second feeding false and fictitious information into the accounting system and, 

finally, going outside the accounting system to produce whatever financial results are 

desired (Wells, 2011). 

According to Coenen (2008, p. 6) companies view themselves as having made 

significant progress in fraud detection. However, Coenen goes on to say that fraud has 

not been reduced and there appears to be a disconnection between actual performance in 

fraud detection and the perception of performance. It would seem, given Coenen’s 

statements, that better tools are needed for fraud detection. Content analysis of corporate 

content may be such a tool.  

Background of the Problem 

At the end of Fiscal Year 2011, the Federal Bureau of Investigation (FBI) was 

actively pursuing 726 corporate fraud cases (FBI, 2011). These cases involve losses to 

investors exceeding USD 1 billion (FBI, 2011). In 2011, the FBI secured USD 2.4 billion 

in restitution orders and USD 16.1 million in fines from corporate criminals (FBI, 

2011).  The number of corporate fraud cases FBI has pending has increased every year 
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since 2007 (See Figure 1).  Also, since 

2006 there has been a general increase in 

the number of Federal Securities Class 

Action Law Suits filed against companies 

alleging fraud (Securities Class 

Clearinghouse, 2012). Please see the 

Securities Class Action Lawsuit Trend 

graph in Appendix A.  

Financial analysis has been the 

traditional means to detect corporate 

fraud. This technique solely focuses on converting financial data into metrics that can be 

analyzed and answer questions about the company (Robinson, van Greuning, Henry, & 

Broihahn, 2008, p. 564). The metrics used in financial analysis include: activity, liquidity, 

solvency, profitability, and valuation ratios (Robinson, van Greuning, Henry, & 

Broihahn, 2008, p. 582). Generally speaking, the output of the analysis is compared to the 

company’s previous results and with competitors. The goal of such an analysis is to 

understand the underlying causes of a divergence between a company’s ratios over time 

and across an industry (Robinson, van Greuning, Henry, & Broihahn, 2008, p. 583). A 

critical shortcoming of the use of financial analysis techniques in fraud detection is that 

the acts of fraud will likely be well underway, or even finished, by the time it manifests 

on the financial statements. Financial analysis does not appear, by itself, to be effective at 

predicting corporate fraud given its historical focus.  

Figure 1: FBI Pending Corporate Fraud Cases  

Source: http://www.fbi.gov/stats-services/publications/financial-

crimes-report-2010-2011 
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In any given year up to 7 percent of firms commit some act of fraud with only 

1.13 percent of these firms being caught (Dyck, Morse, & Zingales, 2007). It has been 

estimated that in publicly traded firms with more than 750 million in assets, corporate 

fraud costs 2.85 percent of enterprise value
1
 (Dyck, Morse, & Zingales, 2007).  

According to Dyck et al. (2007) the average duration of corporate fraud is from 1.6 to 1.9 

years. Previous research has demonstrated that the traditional tools regulators and analyst 

employ to identify fraud there is a low detection rate (Dyck, Morse, & Zingales, 2010). 

The Securities and Exchange Commission accounts for 7 percent of the corporate fraud 

that is detected and auditors account for 10 percent of corporate fraud detection (Dyck, 

Morse, & Zingales, 2010). What is interesting to note is that non-financial market 

regulators do a better job at identifying corporate fraud than financial market regulators, 

detecting 17 percent of the cases (Dyck, Morse, & Zingales, 2010).  

The failure to predict and detect corporate fraud is very costly to investors and the 

economy as a whole. Enron’s bankruptcy in November 2001 caused its shareholders, 

collectively, to lose USD 11 billion. What cannot be measured from scandals such as this 

is the psychological cost to the economy. If investors, market participants, and other 

businesses can no longer trust their counterparties in business transactions, economic 

activity will decrease, if not completely dry up. Content analysis may help provide 

indicators of potentially fraudulent activity at a company before the effects of the 

malfeasance manifest itself on the financial statements of the firm.  

                                                 
1
 Enterprise Value = Market Capitalization + Debt + Minority Interest + Preferred Shares – (Cash + Cash 

Equivalents)  
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Statement of the Problem 

The content analysis literature that exists regarding deception focuses on 

analyzing the message that an individual will convey and the indicators contained in the 

message that deceit is occurring. The existing body of research regarding fraud and deceit 

perpetrated by companies has primarily focused on financial statements and ratios. There 

has been limited research into the analysis of the content published by publicly traded 

companies to identify themes as indicators of fraudulent activity. The ability of business 

and investment practitioners to predict incidents of fraud would reduce the business risk
2
 

associated with an investment. Reducing the risk associated with specific investments 

would likely lead to an increase in returns to investors. The ability of law enforcement 

and regulatory enforcement agencies to proactively identify fraud would likely lead to a 

decrease to the overall cost to the economy that fraudulent activity can cause.      

Purpose of the Study 

An experimental design will be used to derive the conclusions of this study. This 

thesis will use a semantic neural network analysis to determine themes in the content of 

companies that have been accused of fraud. A semantic neural network analysis uncovers 

relationships among words within text, which will produce clusters of words to make the 

meaning of the text more understandable (Zaphiris, 2006). The results will be confirmed 

by the use of descriptive statistics analyzing the total number of words used and the 

number of words used in sentences. Previous research (Pennebaker, 2011) indicates that 

deceivers will use less words and shorter sentences. Also, the words used in the content 

will be compared to a financial sentiment dictionary to determine the overall mood of the 

content. The combination of these three analytic techniques may indicate specific patterns 

                                                 
2
 Risk associated with a specific issuer of a security 
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in the content publicly traded companies that are engaged in some form of fraudulent 

behavior.  

Research Questions 

The research questions that will be addressed in this study are centered on the 

ability to use content analysis techniques to identify patterns in the open source content of 

publicly traded companies that indicate the company maybe engaged in some type of 

fraudulent behavior. Specifically, this study will address how the analysis of open source 

company generated content can be used to detect potentially fraudulent activities.  

Related to the main research question is what types of content analysis will 

produce indicators that are indicative of fraud. Will semantic neural network analysis be 

able to determine different themes in the content companies engaged in fraud and 

companies not engaged in fraud? Will the financial sentiment dictionary find a 

meaningful difference in the use of keywords in the content of fraud and non-fraud 

companies?  

Definition of Terms 

Table 1 provides of the definitions of key terms that will be used throughout this 

study. The terms used are important to understanding the discussion contained in the 

study. Several terms are used interchangeably and their definitions have been provided to 

avoid confusion. The table also contains the definitions of methodologies used in this 

study. The definitions to the methodologies have been provided to enhance clarity when 

reading this study.  
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Term Definition 

Content Analysis Systematic analysis of the content of a communication 

Company Business with ownership share that are publicly traded. 

Used interchangeable with firm 

Earnings Call Conference call between the management of a 

company and investors 

Firm Business with ownership share that are publicly traded. 

Used interchangeable with company 

Management Group of individuals that plan, organization, and direct 

the actions of a firm 

MD&A Section of annual report where management discusses 

company performance 

Risk Uncertainty and potential for loss 

Semantic Neural Network Combinations and relationships among words in text 

that produce the meaning of the text 

Table 1: Key Terms  

Relevance and Significance of the Study 

This study will be valuable to decision makers who are interested in examining 

companies to find indicators that the company may be engaging in fraud. Specifically, 

this study will be of interest to decision makers in the investment and asset management 

community as an additional tool that can be used in the security analysis and selection 

process for their clients. Information that members of the investment community will 

need to reproduce this study is readily available in research databases investment funds 

are likely to have.  Also, regulatory enforcement agencies will be able to find use for the 

results found in this study. The results of this study will likely provide a tool that law 

enforcement and regulatory bodies can use to proactively identify fraudulent behavior.  

Assumptions and Limitations 

Assumptions for this study include: 

 Management of firms engaged in fraudulent behavior will attempt to 

conceal the fraud. 

 Content published by publicly traded companies will have been reviewed 

by members of the firm’s legal, public relations, investor relations, and 
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marketing staff which may inhibit the ability to identify patterns in the 

content of fraudulent companies.  

 Analyzing the content of transcripts of media appearances of company 

management as well as the answers management provides to questions on 

earnings calls will be least polished and reviewed content from the 

company.   

 At a minimum, publicly traded companies will be required to submit 

filings to the Securities and Exchange Commission that can be used as 

input for a content analysis. 

Organization of the Study 

Following this introduction section there will be a review of the relevant 

literature, followed by an explanation of the methodology that will be used in this study. 

Following the review of the methodology, the results of the experiments will be presented 

and discussed. This study will end with conclusions that can be drawn from the research.  
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LITERATURE REVIEW 

Introduction to the Literature Review 

The ability to detect deceptive messages by business practitioners is critical to 

avoiding poor investment decisions, entering into business relationships with fraudulent 

partners, or determining if a competitor is attempting to hide strategic intentions. Publicly 

traded companies in the United States are required to make quarterly and annual filings 

with the Securities and Exchange Commission (SEC). In the filings, management is 

required to discuss past results and potential future performance. The management of the 

publicly traded firms also will make appearances in mass media to discuss their 

companies. This literature review will identify and detail indicators that content analysis 

can uncover in regulatory filings and media appearances that may indicate deception in 

the message being communicated by publicly traded companies. 

The bulk of the content analysis literature regarding deceptive messages has 

focused on analyzing the content of messages that an individual will convey and the 

indicators contained in the message that may imply the message is deceitful. Research 

into fraud and deceit perpetrated by companies has primarily been limited to analysis of 

financial statements and ratios. There have been few studies examining the content of a 

firm’s messages to determine deception. However, in recent years, there have been an 

increasing number of studies that examine the content of the SEC regulatory filings of a 

firm and the stock returns of the company. The existing studies may provide potential 

competitive intelligence value for firms who are seeking to analyze competitors or 

business partners. This study may also have value for law and regulatory enforcement 

agencies seeking to identify potentially illegal activity. The literature review will examine 
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topics from pronoun usage and sentence length to word classification dictionaries and 

usage of certain phrases. 

 The following section will examine the theoretical framework of this study as 

well as provide definitions of key terms used in content analysis. The subsequent sections 

will focus on the definition of deception, motivations to deceive, methods to detect 

deception, and the ability of an individual to detect deception.  

Theoretical Framework 

Content analysis, in its most basic form, is a reading of text and other forms of 

communication to investigate the character of the message. Krippendorff describes 

content analysis as “a research technique for making replicable and valid inferences from 

texts (or other meaningful matter) to the contexts of their use” (2004, p. 18). The 

emphasis of content analysis is not on what is being communicated, but rather, the nature 

of how it is being communicated. An analyst using content analysis will be interested in 

word use, description of topics, consistency of word usage, and connection of words 

(Neuendorf, 2002, p. 5). The ultimate goal of content analysis is to arrive at the 

underlying theme of the communication. A key advantage of content analysis is that the 

technique is unobtrusive, meaning the researcher is allowed to analyze content and the 

role the communication plays in the lives of the sender and receiver (Krippendorff, 2004, 

p. 44) without the parties involved being aware of the analysis.  

Berelson (1952) defines content analysis as “a research technique for the 

objective, systematic and quantitative description of the manifest content of 

communication” (p. 18). Neuendorf (2002) echoes Berelson’s definition but goes further 

to provide a six-part definition for content analysis: 
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1. CA relies on the scientific method (pp. 11-12) 

2. The unit of data collection, or the unit of analysis, or both must be a 

message unit (p. 13) 

3. CA is quantitative (p. 13) 

4. CA summarizes rather than reports all details of the message (pp. 15-16) 

5. CA is applicable in all contexts (p. 20) 

6. All message characteristics are available to analyze (pp. 23-24) 

What is interesting to note about Neuedorf’s six-part definition is that it does not touch 

on the “objective” requirement in Berelson’s definition.  

Within the academic community, there is some disagreement over Berelson’s use 

of the word “objective” in his definition. Krippendorff (2004) takes issue with Berelson’s 

definition because, in his opinion, “it implies that content is contained in messages, 

waiting to be separated from its form and described” (p. 20). Essentially, Krippendorff 

argues that Berelson excludes “reading between the lines” (p. 20). Krippendorff argues 

his definition is superior because it focuses on the process of content analysis and does 

not ignore contributions that analysts make (p. 21).  

For the purposes of this study the Krippendorff definition of content analysis will 

be used.  

Review of the Research Literature 

Definition of Deception 

Mitchell (1986) describes deception as false communication that tends to benefit 

the communicator (p. 21). Essentially, Mitchell argues that any communication that is 

false is an act of deception if the communicator has benefited, even if the false nature of 

the communication is unintentional. Mitchell’s definition will assume any false belief that 

an individual may have, so long as they are benefiting, as an act of self-deception.  
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Others (Buller & Burgoon, 1996; Burgoon & Qin, 2006; Burgoon & Nunamaker, 

Jr., 2004; Carlson, George, Burgoon, Adkins, & White, 2004; Hirschberg, 2010; 

DePaulo, Malone, Lindsay, Muhlenbruck, Charlton, & Cooper, 2003) offer a more 

precise definition of deception. They say deception is a deliberate attempt to mislead 

others. They also claim that falsehoods communicated by people who are mistaken or 

self-deceived are not acts of deception (DePaulo, Malone, Lindsay, Muhlenbruck, 

Charlton, & Cooper, 2003). This is an improvement on the Mitchell definition because it 

discounts the possibility of someone unintentionally engaging in an act of deception. 

However, what is missing from the definition of deception is the notion of the deceiver 

benefiting from deceiving the receiver of the message.  

Krauss (1981) offers a somewhat stronger definition of deception. He defines 

deception as an act that is intended to foster in another person a belief or understanding, 

which the deceiver considers to be false. Krauss’ definition is an improvement over 

Mitchell’s definition because the communicator knows the message being communicated 

is false. The definition therefore excludes the possibility of unintentional deception and 

implies that deception is an intentional act. Krauss’ definition implies that deception is an 

act that requires at least two people, the deceiver and the deceived. Also, Krauss does not 

mention if the deceiver benefits from the act of deception. However, Mitchell and Krauss 

make no mention if the receiver of the deceptive communication has been forewarned 

about the possibility of deception.   

Building on the definitions provided by Mitchell and Krauss, Vrij (2000; 2008) 

provides a more comprehensive definition of deceit. He defines deceit as a successful or 

unsuccessful attempt, without forewarning, to create a belief in another, which the 
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communicator considers to be untrue (2000, p. 6). Vrij goes on to say that deception is an 

intentional act (2000, p. 6) and that at least two parties must be involved (2000, p. 7). 

What is interesting about Vrij’s definition is that he includes successful and unsuccessful 

attempts to create a false belief in another person in his definition of deception. This 

would imply that a failed attempt at creating a false belief in another is essentially the 

same as a successful attempt. In Vrij’s definition of deception, success or failure of 

creating the false belief is irrelevant; essentially there is no such thing as a “failed attempt 

at deception,” only failed attempts at planting a false belief. His definition addresses the 

shortcomings of the Mitchell and Krauss definitions by stating that the receiver of the 

deceptive communication has not been forewarned of the deception. Vrij, like Krauss, 

leaves out any reference to the deceiver benefiting from the act of deception.   

Using the definitions provided by Mitchell, Krauss, and Vrij as a starting point, 

this study will define deception as “a successful attempt to plant a false belief in another 

individual, without the individual being forewarned, that the sender of the message 

knows to be false for the benefit of the sender.” This definition will allow for the 

differentiation of successful and unsuccessful attempts at deception. Because this 

definition assumes that deception is for the benefit of the message sender, it is implied in 

the definition that deception is a malicious act.  

Motivation to Deceive 

Meyer (2011) has said, “Lying is an attempt to bridge a gap, to connect our 

wishes and our fantasies about who we wish we were how we wish we could be, with 

what we are really like.”   
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The body of existing research has identified several reasons individuals may 

engage in deceptive acts. For the purposes of this discussion the terms “lie” and 

“deceive” will be used interchangeably. Vrij (2000; 2008) has identified five reasons why 

individuals choose to deceive others. The reasons he identified include: 

1. To make a positive impression on others or to protect from 

embarrassment or disapproval  

2. To maintain an advantage 

3. Avoid punishment 

4. Make others appear to be better/lie for another person’s benefit 

5. Lie for the sake of social relationships (2000, p. 8; 2008, p. 20) 

The reasons to lie, as identified by Vrij, are not mutually exclusive; the 

deceptions can fit more than one category (2008, p. 20).  

Typically, people will behave dishonestly enough to profit from the deception, but 

honestly enough to delude themselves of their own integrity (Mazar, Amir, & Ariely, 

2008). Mazar et al. (2008) show that if people fail to comply with their internal standards 

for honesty, they will need to update their view of themselves. This leads people to 

engage in malleable behaviors that allow for the reinterpretations of their actions in a 

self-serving manner (Mazar, Amir, & Ariely, 2008). Gordon and Miller (2000) and Bond 

and DePaulo (2006) have found that liars often conclude that their deceptive actions were 

justified and that they had, in fact, not lied at all. The implication of this means that 

individuals who engage in deceptive practices will attempt to structure and justify them 

in such a way that they do not believe they are engaging in any untoward activities. 

As the number of steps, or distance, between the individual performing the act of 

deception and the person being deceived increase, Ariely (2012, p. 59) found that it is 

psychologically easier for the deceiver to perform the act of deception. For this study, 

Ariely’s findings are particularly significant. The author of the content that will be used 
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for this study is several steps removed from the intended audience. Also, the average 

consumer of content published by publicly traded companies is unlikely to directly 

interact with the executive team at the companies. Mazar et al. (2008) and Ariely (2012) 

postulate that the opportunity and likelihood of fraud will increase as society moves away 

from cash-based transactions and direct personal interaction and towards electronic and 

Internet-based transactions.  

DePaulo (1996) found that half of the lies people told were self-oriented, 

indicating that the reason for the lie was to make the liar look better or gain some sort of 

advantage. Building on DePaulo’s work, Vrij (2000) found that men tell more self-

oriented lies, while women tell more other-oriented lies (2000, p. 12). However, no 

differences were found in the frequency in which lies were told (2000, p. 12). Vrij’s 

findings will be of particular interest to this study since only 3.2 percent of women run 

publicly traded companies (Petrecca, 2011). Vrij (2008) also found that extroverts will 

tend to lie more than introverts (2008, p. 32). This is also particularly relevant to this 

study because it has been estimated that 60 percent (Williams, 2009, p. 517) of publicly 

traded companies are run by CEOs with extrovert personalities.  

Moving from social science research into reasons for deception to literature 

conducted by business researchers; Schrand and Zechman (2012) found that executives 

who are overconfident and exhibit an optimistic bias are more likely to make decisions 

that could lead to deceptive financial reporting. They found a positive correlation 

between executive overconfidence and the SEC publishing an AAER and requiring a 

restatement. According to Tetlock (2007), high levels of media pessimism predict 

downward pressure on a firm’s stock price and that in the case of a small firm the 
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downward movement of the stock price is sticky, meaning it will not rebound when 

pessimism disappears. The media pessimism and resulting downward pressure on stock 

prices could potentially provide the management of a company a reason to deceive the 

media about the firm’s actual results.    

The findings of Schrand and Zechman, and Tetlock would seem to confirm what 

DePaulo found, that at least half of lies told are to gain some sort of advantage. It could 

also be argued that Schrand and Zechman, and Tetlock identified Vrij’s first reason to lie, 

to avoid embarrassment and disapproval. In Schrand and Zechman, if an executive has 

been overly optimistic about future results that will not manifest, he or she would be 

inclined to misrepresent financial results to avoid the disapproval of the marketplace for 

not achieving the promised results. Tetlock’s results would indicate that executives would 

be motivated to lie to avoid the backlash from investors as a result of a depressed stock 

price. Also, the executive of a smaller company would be more likely than the executive 

of a larger company to lie in order to avoid the downward stock price movement.       

Rules-Based and Statistic-Based Approaches to Identify Deception 

Several linguistic researchers (Newman, Pennebaker, Berry, & Richards, 2003; 

Pennebaker, 2011) have demonstrated that features of linguistic style, such as pronoun 

use, emotionally toned words, and prepositions and conjunctions that signal cognitive 

work, are linked to a number of behavioral and emotion outcomes, including deception. 

Across five studies performed by Newman et al. (2003), deceptive communications were 

characterized by fewer first person singular pronouns, fewer third person pronouns, more 

negative emotion words, fewer exclusive words, and more motion verbs. Pennebaker 

(2011) confirmed Newman’s findings. Newman et al. (2003) also found that liars tend to 
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use fewer “exclusive” words and used third person pronouns at a lower rate than truth 

tellers. Finally, Newman et al. (2003) found that liars tend to tell stories that are less 

complex, less self-relevant, and more characterized by negativity. 

Hirschberg (2010) wrote that deceivers would use more passives, negations, and 

indirect speech than truth-tellers (p. 81). She goes on to write that deceivers will provide 

fewer details, exhibit less cognitive complexity in their speech, and stray from the topic 

more frequently by mentioning peripheral events or relationships (2010, p. 81). 

Hirschberg said deceivers provided significantly fewer details than truth-tellers, tended to 

make significantly more negative statements and complaints, and repeated words and 

phrases more often than truth-tellers (2010, p. 85).  

A critique of Newman’s (2003) and Pennebaker’s (2011) findings may be that a 

person’s language use will change over time. Pennebaker and King (1999) have found 

that an individual’s use of language in the way they express themselves is consistent 

across time and situations. They say that the vocabulary that people use is a stylistic 

behavior and an important source of data about people and may reveal information about 

they way they think about things. Pennebaker and King’s findings are important and 

relevant because when an individual deviates from their stylistic behavior it may be 

assumed some external factor is causing the divergence.  

The bulk of the previous content analysis research into language used by 

companies has generally attempted to find a correlation between the use of language and 

stock price movement. The previous research has showed that substantial movements in a 

firm’s stock price do not seem to correspond to changes in quantitative measures of a 

firm’s fundamentals (Cutler, Poterba, & Summers, 1989; Roll, 1988; Shiller, 1981), 
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which has lead other researchers to look at qualitative variables, including language 

usage, to explain stock returns and firm performance (Li, 2010; Tetlock, Saar-

Tsechansky, & MacSkassy, 2008). Specifically, Tetlock et al. (2008) found that 

qualitative verbal information does not echo easily quantifiable traditional measures of 

firm performance. Their findings are important for this study because the results indicate 

that a deeper meaning or sentiment can be found in the words a company chooses to use. 

Building on Tetlock’s theme, others (Smith & Taffler, 2000; Subramanian, Insley, 

& Blackwell, 1993; Qiu, 2007) have found that it is possible to build predictive models of 

a firm’s performance using the Management Discussion and Analysis (MD&A) section 

of annual reports. Again, this is important for this study because it suggests that it may be 

possible to detect fraud from the publicly available content firms publish. Equally 

important, these findings indicate that it may be possible to build a reusable model to 

detect fraudulent behavior. The importance of a reusable model or formula will be 

discussed later.      

The research conducted in the business and financial literature that has looked for 

fraud in the language of firms has generally supported the findings by linguistic 

researchers, albeit by a variety of means.  

Churyk, Lee, and Clinton (2008) identified grammatical characteristics that are 

potential indicators of deception. The indicators they identified include:  

1. Brevity (measured by word count per sentence) 

2. Optimism (measured by use of positive and negative emotion words) 

3. Certainty (measured by use of past and present tense words) 

4. Organization (measured by the use of colons) 

The optimism measurement by Churyk et al. is interesting because they stated that 

managers who have knowledge of a fraud might avoid using optimistic words. On the 
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surface, this may appear to contradict Schrand and Zechman (2012), who believe that 

managers who are overly optimistic may make decisions that lead firms down the 

“slippery slope of financial misreporting” (p. 311). It is important to note that Schrand 

and Zechman discussed conditions that may lead to fraud, while Churyk et al. discuss 

what is seen while fraud is occurring.  

The research conducted by Larcker and Zakolyikina (2012) suggests that the 

linguistic features of CEOs and CFOs in conference call narratives can be used to identify 

financial misreporting. They found that the language of executives engaged in fraudulent 

activity exhibits more references to general knowledge, contains fewer non-extreme 

positive emotion words and fewer references to shareholder value than that of non-

fraudulent executives (Larcker & Zakolyikina, 2012). However, Davis et al. (2012) 

suggest that an individual’s predisposition towards optimism will influence their 

assessment of current events and their implication for future performance. Davis et al. say 

this will affect the way an executive may describe events in public disclosures. Also, the 

emotional state of executives may affect the way information is communicated (Mayew 

& Venkatachalan, 2012). Larcker and Zakolyikina (2012) also wrote that deceptive CEOs 

used significantly more extreme positive emotion and fewer anxiety words, while 

deceptive CFOs did not use extreme positive emotion words. Both CEOs and CFOs used 

significantly more words of negation and strongly negative emotion words. 

The findings of Larcker and Zakolyikina, and Davis et al. are relevant because 

they indicate a representative sample of executive public disclosures will be required for 

analysis. The sample documents will be used to determine if an executive is “pre-
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disposed to optimism” and if their use of positive emotion words is part of the 

executive’s linguistic style or an indicator of fraud.  

 According to Loughran and McDonald (2011a), the English language contains a 

prevalence of words that have multiple meanings, which makes an absolute mapping of 

words into financial sentiment impossible. Many textual analyses use the Harvard 

Psychological Dictionary (Harvard IV-4 Dictionary), however the use of this dictionary 

in financial content analysis may unintentionally capture other effects (Loughran & 

McDonald, 2011a). Almost three-quarters of the Harvard Dictionary’s negative emotion 

words (e.g. cost, liability, tax) are not typically negative in a business or financial context 

(Loughran & McDonald, 2011a). Loughran and McDonald said that financial researchers 

should be cautious when using word classifications that were developed outside of the 

business domain (2011a).  

In the popular media there have been articles discussing certain language patterns 

that may indicate fraudulent behavior. The use of some of the terms does require 

knowledge of the industry of the firm using the term. Specifically, Racanelli (2009) said 

the following phrases, in certain contexts, should be a cause for concern: 

 When seeking information on corporate governance and board independence 

look for terms like: 

o Related party 

o Related party transaction 

o Consulting relationship 

 When examining earnings look for phrases such as: 

o Change in estimated useful life 

o Change in revenue recognition 

o Change in depreciation period 

 Be concerned with the following phrases at non-financial companies: 

o "Mark-to-market" when discussing asset valuation 

o "Percentage-of-completion accounting" is especially worrisome at any 

company whose products take less than a year to deliver.  
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 The use of any of the following with the term "receivables" should be a cause 

for concern:  

o Unbilled 

o Long term 

o Accrued 

 Look for phrases like: 

o Selling receivables with recourse  

o Watch out for "accounts payable" combined with "financing" and 

"extended payment terms" 

 Also watch out for companies that have specialized definitions. Make sure the 

definitions agree with the industry standard definition. For example: 

o Organic growth 

o Same store sales 

o Revenue per store 

o Backlogs 

 Other dirty words include: 

o Substantial doubt 

o Materially or adversely affected  

o Sale leaseback  

Loughran and McDonald (2011b) analyzed the phrases Racanelli highlighted in 

his article and found, overall, the use of the phrases in the article significantly related to 

excess filing period returns, analyst earnings forecast dispersion, subsequent return 

volatility and fraud allegations. Specifically Loughran and McDonald found if phrases 

such as "unfilled receivables" or "bill and hold" appear, it is more likely that someone 

will subsequently file a class action lawsuit against the company. However, they also 

established that the majority of the phrases actually appear in few 10Ks since managers 

usually hesitate to use such red flags in their correspondence with investors and analysts.   

The methods described in the literature discussed so far follow a rules-based 

method called “bag of words” (Harris, 1954), where the words used in the content being 

analyzed are compared against a dictionary of words to arrive at the sentiment of the 

content. In using the “bag of words” approach, some researchers in the business domain 
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have found the dictionary approach does not lend itself to the analysis of the MD&A 

section of corporate annual reports to predict future firm results (Li, 2010). Researchers 

such as Li (2010) believe this is because the “bag of words” approach does not take the 

context of the word usage into account.  

Several researchers (Li, 2010; Purda & Skillicorn, 2011; Purda & Skillicorn, 

2012; Skillicorn & Purda, 2012) offer a statistical model as a way to address the 

shortcomings of the “bag of words” model. Purda and Skillicorn (2012) found that a data-

generated list of words could correctly identify a higher proportion of frauds than the 

“bag of words” method. They also claim that a data-generated list reduced the number of 

false positives produced by models based on accounting variables. The research by 

Skillicorn and Purda (2012) differs from the research already discussed. They indicate 

that MD&A sections in corporate annual reports do not show signs of explicit deception, 

suggesting that those who write the section are not usually involved in the fraud. 

Skillicorn and Purda’s results are not the general consensus of the body of existing 

research. They also show that the dictionaries used in the “bag of words” method are 

weakly predictive. Finally, Purda and Skillicorn (2011; 2012) demonstrate, on average, 

that a data-generated word list shows declines in truthfulness approximately three 

quarters prior to the actual instance of fraud, while other word list methods, such as the 

“bag of words” method, show the decline in truthfulness much closer to the fraudulent 

event. 

This study will expand the body of knowledge by using a hybrid of the rules-

based approach and statistical method. For this study an artificial neural network, in 
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conjunction with a “bag of words” dictionary, will be used to determine patterns in the 

text.  

Accuracy of Deception Judgments 

Several studies (Aadmodt & Custer, 2006; Hirschberg, 2010; Vrij, 1994) have 

found that, even when subjects are trained to look for cues that are highly correlated with 

deception, many still perform very poorly at deception detection. What makes deception 

detection difficult is that there is no single cue to deception: When attempting to detect 

deception multiple indicators should be examined (Hirschberg, 2010, p. 80). However, 

when cues to deceit are evident and examined, Vrij et al. (2004) found that the cues were 

similar across age groups. Vrij’s results indicate that once a person learns how to deceive 

they are consistent in their method of deception throughout their life.   

A potential reason for the poor ability for trained subjects to detect deception is 

that, in the words of Daniel Kahneman:  

[H]umans are inconsistent with making summary judgments of complex 

information. When asked to evaluate the same information twice, they 

frequently give different answers (2011, p. 353). 

 

Kahneman also suggests that to maximize predictive accuracy, final decisions should be 

left to formulas, especially in low-validity environments (2011, p. 354). Of course 

Kahneman’s discussion should be taken with a measure of salt since his discussion 

involved the use of formulas to diagnose medical illnesses and predict the future value of 

Bordeaux wine. However, his points about human judgment are valid.  

Somewhat more promising are Frank and Ekman’s (1997) results which indicate 

that the ability to detect high-stakes lies generalizes across high-stake situations and is 

most likely due to the presence of emotional clues that betray deception in high-stake 
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lies. Frank and Ekman define a high-stakes lie as one in which the liar and truth tellers 

have much to gain or lose by being judged deceptive. Frank and Ekman’s results indicate 

that a person’s ability to detect deceit is not random or limited to specific situations and 

may be a skill that generalizes across different people and different kinds of lies. To put it 

another way, Frank and Ekman believe people can be trained to detect deception in 

different situations. However, they will have the most success when there is much to be 

lost or gained. 

Chapter 2 Summary 

Overall, the literature suggests that it is possible to use content analysis of open 

source company documents to detect fraud. Within the social sciences there is extensive 

literature using content analysis to detect deceit and lies from individuals. In the business 

and finance community the majority of the content analysis research has generally 

attempted to forecast stock price movement or changes in company performance. There 

is, however, a growing body of content analysis research on detecting fraudulent actions 

by firms.  

People have many different motivations to commit an act of deception. Generally, 

the reasons people lie span a number of different categories. The research confirms that 

no reason to lie is mutually exclusive from any other reason; basically there is seldom 

ever just one reason to commit an act of deception. However, the research generally 

confirms that the majority of lies are told to gain some sort of advantage or avoid 

embarrassment. In most situations, especially when the risk of being caught is low, the 

deceiver will attempt to justify their reason to lie and will, in their mind, believe they 



24 

 

have not lied at all. Such justification allows the deceiver to maintain the internal view 

they hold for themselves.  

The research describes two broad methods where content analysis can be used to 

detect fraud. The first, and most researched, method is a rules-based approach called a 

“bag of words” method. In this method the words used in a piece of content are compared 

against a dictionary where the words have been coded for some type of meaning (e.g. 

negative emotion, positive emotion) to derive a sentiment in the piece of content being 

analyzed. Within the social science research community the literature has found that cues 

do exist in the linguistic style of deceivers. The research shows that when engaged in a 

deceptive act the deceivers’ use of pronouns, emotionally toned words, and prepositions 

and conjunctions that signal cognitive work and are potential indicators of a lie.   

The research into fraud and deception by the business and finance community has 

built upon the previous research in the social sciences. The literature has commonly 

focused on performing a content analysis on a firm’s 10K or other open source 

documents to predict the stock price movement or fundamental performance of a firm. 

The literature that has examined company content to detect fraud has supported the fraud 

and deception research conducted by the social science community. However, some 

researchers have pointed out problems with using the “bag of words” method in business 

and finance content analysis research. These researchers make the point that the 

psychological dictionaries used by the social scientists may capture unintended results in 

business research. The root of the issue is that that some terms that may have a negative 

emotion associated with them in the social sciences (e.g. cost, liability, tax) may not have 

a negative association and be standard terms in the business realm. Researchers should be 
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cautious when using word classifications that were developed outside of the business 

domain.  

The second content analysis method discussed in the literature to detect fraud is a 

statistical method. Using a statistical approach researchers use the content to generate a 

list of words that are free from the bias inherent in a “bag of words” dictionary. 

Researchers employing a statistical method to detect fraud in company content have seen 

a lower number of false positives and have identified instances of fraud several financial 

quarters before the corresponding “bag of words” method. 

The literature does show that, overall, even trained individuals have a difficult 

time detecting fraud. This could be due to an innate inability in humans to easily process 

large quantities of complex data. Other research has indicated that when stakes to detect 

deception are high that the ability of people to detect deceit increases. The increased 

ability is likely due to heightened awareness when there is much to be gained or lost by 

detecting deception.   
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METHODOLOGY 

Introduction 

The goal of the research is to examine the open source content produced by 

publicly-traded firms to identify potential indicators of fraud, deception, or 

mismanagement. The content examined will span SEC regulatory filings, letters to 

shareholders, and transcripts of earnings calls with investors. The research design aims to 

discover themes in the text of open source content produced by firms that have been 

accused of fraud. By identifying fraudulent themes business practitioners will be able to 

reduce uncertainty and surprise when making investment decisions, entering into 

partnerships, or determining a competitor’s strategic intentions.     

Thirty firms were selected because the SEC has found them to be engaged in 

fraudulent activity. Next a control group was established containing thirty companies, 

who were not accused of fraud, from the same industry as companies that had been 

accused of fraud. The content generated by the companies in the fraud and control group 

was analyzed to identify themes and language use patterns as a control. The results were 

compared to determine if there is a difference in the themes in the content and language 

use, such as the use of positive and negative words, between firms that have been accused 

of fraud by the SEC versus firms that have not been accused.  

Research Design 

This study performed a content analysis utilizing the CATPAC software package 

from Galileo Company and the WordStat software package from Provalis Research. 

CATPAC is a self-organizing neural network computer program that examines the 

meanings of textual data (Woelfel, 1993). The software package plots the “hierarchical 
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ordering of concepts (words) as they occur in natural language” (Doerfel & Marsh, 2003, 

p. 218). CATPAC will identify clusters of words to reveal themes in the text of the 

content being analyzed (Zaphiris, 2006). The software will also indicate the strength of 

the relationships of the words contained in each theme that emerges from the text 

(Galileo Company, 2011).  

WordStat is a software package that allows for the extraction of themes and trends 

from unstructured text (Provalis Research). It allows for the use of Sentiment 

Dictionaries that are customized for the type of text being analyzed (Provalis Research). 

Specifically for this study, WordStat will allow for use of the Loughran and McDonald 

Financial Sentiment Dictionary to analyze the content. Loughran and McDonald (2011a) 

have indicated analyzing financial text using dictionaries developed for other disciplines 

could result in a misclassification of the sentiments contained in the text. The Financial 

Sentiment Dictionary will better reflect the tone contained in the content being analyzed 

(Loughran & McDonald, 2011a).  

No source document was considered more important or less important than any 

other document; each document was equally weighted when analyzed by the software. 

This process was utilized, as there is no known method to determine if any one case is 

more indicative of fraud or deception than any other case.  

Selection of Cases 

Firms were selected based on SEC Accounting and Auditing Enforcement 

Releases (AAER) that were published between 01 August 2002 and 31 July 2012. This 

period includes AAER bulletin numbers 1603 to 3396, resulting in a total of 1,793 

releases. Each AAER was scanned for fraud by searching for the term “fraud” and 
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derivatives of the word “fraud” in the text of the release. Similar to what Purda and 

Skillicorn (2012) found, a manual review of the AAERs makes it clear that the SEC uses 

very direct language in the releases. If the SEC believes fraudulent activity is occurring 

the agency will call it fraud. Examples of the language the SEC uses in AAERs include: 

“i2 committed securities fraud in accounting for certain software agreements” (SEC, 

2004) and “fraudulent accounting practices designed to inflate its reported revenue” 

(SEC, 2005). The SEC will continue to describe actions as fraudulent despite receiving 

and accepting an Offer of Settlement from the respondent in which the respondent neither 

admitted nor denied the findings of the release (Purda & Skillicorn, 2012). Given the 

SEC’s explicit use of the term “fraud”, scanning for the term is an effective filter.  

The SIC code was identified for every firm that passed the “fraud filter” which 

resulted in 170 individual SIC codes being identified. Eighty-five SIC codes had more 

than one AAER with the term “fraud” contained in the text of the release. Of the SIC 

codes with more than one instance of fraud, SIC Code 7372, Prepackaged Software, 

contained the most references to fraud with 29 individual firms being cited. This study 

will use the 29 firms from the prepackaged software industry and five firms from the 

Computer Integrated Systems Designs industry, SIC code 7373. The five firms with SIC 

code 7373 accused of fraud were added to the sample set for two reasons. There is a close 

relationship between prepackaged software and computer integrated systems design. 

Between the two SIC codes, publicly available content was unavailable for four firms; 

therefore, this study will use a total of 30 firms from the two SIC codes to ensure a larger 

sample size.  
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The SEC AAER bulletin also contains the beginning and ending dates, indicating 

when the SEC claims the fraudulent activity occurred. For example,  

[F]or the four years ended December 31, 2001 and the first three quarters 

of 2002, i2 misstated approximately $1 billion of software license 

revenues (SEC, 2004). 

 

This information is important to define the control group of firms for this study. Control 

firms were selected at random from a list of companies with the same SIC codes as the 

experiment companies. When a company was selected for potential entry into the control 

group, the only criteria the company had to meet was that it had not been accused of 

fraud contemporaneously with the test companies. Table 1 shows the firms that comprise 

the experiment and control groups.   

Table 2: Experiment and Control Group Firms 

Experiment Group Control Group 
AremisSoft Novell 

System Software Associates Oracle 

Lernout & Hauspie Speech Products Intuit 

Informix Corporation Sterling Commerce 

Peregrine Systems Pervasive Software 

Mercator Software SPSS 

Network Associates MindSpring Enterprises 

Inso Corporation Sybase 

Computer Associates PeopleSoft 

i2 Technologies Concur Technologies 

Piranha, Inc. Progress Software 

Clarent Corporation Autodesk 

BroadVision, Inc. Hyperion Solutions 

Legato, Inc. Evolve Software 

Unify Corporation Borland Software 

Take-Two Interactive Ariba, Inc. 

Liberate Technologies BEA Systems 

Applix, Inc. Echelon Corp 

Veritas Software Microsoft 

SpeechWorks International OpsWare, Inc 

Quovadx, Inc. TIBCO Software 

Bally Technologies Siebel Systems 

Island Pacific Taleo Corp 

Mercury Interactive Teradata, Inc 

IBSG International Activision Blizzard 

FalconStor Software FileNet Corp 

HBO & Co. CACI International 

TALX Corporation Sapient Corp 
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Instrumentation 

Discovery of the themes present in the content being analyzed was determined 

with the use of the CATPAC package. The software, upon parsing and analyzing the 

content, will produce a dendrogram showing the arrangement of clusters of words from 

the text. The relationship of the words in each cluster shows the theme present in the text. 

The dendrogram, in addition to revealing the relationships among the words in the 

content will also indicate the strength of the relationship of the concepts and divisions in 

the clusters of words (Zaphiris, 2006). CATPAC will also determine the frequency of 

each word used in each case as well as the total usage in the content.   

WordStat, using the Loughran and McDonald Financial Sentiment Dictionary, 

will calculate the percentage of words that carry negative, positive, uncertain, litigious, 

and modal meaning. In addition to the word usage, the software will also calculate the 

correlation coefficient in each of the word categories (e.g. negative, positive) to 

demonstrate if there is a relationship between word category usage and either of the two 

groups of content. 

Data Collection 

Data for this study was collected indirectly by gathering pre-existing documents 

that the experiment and control companies produced. The key advantage to using pre-

existing content is that the texts are actual real-world work products.  

Regulatory Filings 

The SEC’s Electronic Data-Gathering, Analysis, and Retrieval (EDGAR) system 

served as the primary source of regulatory filing data. All companies, foreign and 

Merge Healthcare Inc. Unisys Corp 

Embarcadero Technologies Yahoo! 
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domestic, are required to file registration statements, periodic reports, and other forms 

electronically through EDGAR (SEC). Table 2 shows the filings found on EDGAR that 

will be of interest for this study.  

Table 3: SEC Forms Used for Data Collection  

Source: http://sec.gov/about/forms/secforms.htm  

 

It should be noted that Forms 10-K/A and 10-Q/A are also filed with the SEC. These 

forms will not be used for this study. Forms with an “A” suffix are amended filings. 

Amended forms can be filed with the SEC as a result of misrepresentation; this study will 

focus on the original filing. 

The Management Discussion and Analysis (MD&A) was extracted from Forms 

10-K and 10-Q and included all text and charts, with the exception of statements that 

served a legal purpose (e.g. Safe Harbor Act statements). The MD&A provides an 

explanation by management regarding the firm’s performance, financial condition, and 

future prospects. It should be noted that the MD&A section is not audited. 

Annual Reports and Letters to Shareholders 

Annual reports are similar to SEC Form 10-K in that both are end of the fiscal 

year reports. An annual report will contain less detail than the 10-K and is considered to 

be a means to build interest in a firm and attract investors. The annual report typically 

will contain letters from the Chairman of the Board, CEO, and other high-ranking 

managers. These letters will be used as data in this study. Thomson Research, ProQuest 

Historical Annual Reports, and the Investor Relations web pages of active companies will 

be used as the source for annual reports and letters to shareholders.     

Form Description 
10-K Annual Report, including audited financial statements 

10-Q Quarterly Report, includes same information as 10-K but with less detail 

http://sec.gov/about/forms/secforms.htm


32 

 

Earnings Calls and Media Appearances Transcripts 

SeekingAlpha.com and Thomson ONE served as the primary data sources for 

transcripts of earnings conference calls with management. Earnings calls are 

teleconferences management of a firm will hold to discuss the financial results. 

According to the National Investor Relations Institute, 92 percent of publicly-traded 

companies hold earnings calls (2004). Any text that served a legal purpose was excluded 

from analysis.  

Data Analysis Procedures 

For the analysis using CATPAC the cases were separated into two distinct groups. 

The first group of cases consisted of the content from companies that were accused of 

fraud. The second group of cases consisted of the control companies that were not 

accused of fraud during the relevant time window. CATPAC determined the themes 

present in the text for each group. The results were compared to examine the different 

themes that emerged from the text. It was expected that different themes would emerge 

from each of the groups of content. 

For the analysis using WordStat the content files were loaded into the tool and the 

text was analyzed using the Loughran and McDonald Financial Sentiment Dictionary. As 

with the CATPAC analysis, content was divided into the categories of companies 

accused of fraud and companies not accused of fraud during the relevant time period. 

WordStat then calculated word usage in five different categories to determine the overall 

sentiment of the content in each content category. The software also calculated the 

correlation between the word usage categories and the content groups. It was expected 
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that the fraud group would have a higher correlation with negative words and the control 

group would have a higher correlation with positive words.  

Limitations of the Research Design 

The scope of this study examines only a small portion of all companies accused of 

fraud by the SEC. This study only examined two SIC codes and it is possible the themes 

that emerged in the text of companies engaging in some type of fraudulent activity may 

be specific to the industry of the companies analyzed. Also, the industries not examined 

may have different themes embedded in the text of their content that would indicate 

fraudulent behavior. 

A second limitation is that a partial attempt was made to control for the market 

capitalization (market cap) size
3
 of the companies analyzed. Tetlock (2007) indicated that 

media pessimism likely leads to downward pressure on a firm’s stock price, and in the 

case of a small firm the downward stock price movement is sticky, meaning it will not 

rebound when the pessimism diminishes. Given Tetlock’s findings, companies with 

smaller market caps, in an attempt to avoid media pessimism, may have stronger 

indicators of fraudulent behavior in their content than companies with larger market caps. 

A sample of companies that is weighted more heavily with smaller cap firms may yield 

results with stronger fraud-related themes than a sample of companies that is more 

heavily weighted with larger cap firms.  

A final limitation of this study is that there is a heavy reliance on content that was 

filed with the SEC. Beyond regulatory filings, content for companies that no longer exist 

as going concerns or as independent entities is not as readily available as content for 

companies that continue to operate independently. The inclusion of additional content, 

                                                 
3
 Market Capitalization = Share Price x Number of Shares Outstanding 
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outside of regulatory filings, may have caused different themes to emerge in both the 

companies accused of fraud and the control companies that were not accused of fraud.  

Internal Validity 

Threats to internal validity include priority of fraud prosecutions by the SEC. A 

review of the AAER documents showed a clear pattern in the types of fraud targeted.  

From the 1990s to the mid-2000s an overwhelming number of the AAERs targeted 

accounting-related fraud. This included improper revenue recognition, fraudulent sales 

transactions, and understating expenses. It is possible that during this time frame the SEC 

was not focusing on other forms of fraud as intensely as the accounting-related fraud. 

From the mid-2000s until 2011 the SEC focused more intensely on fraud related to 

backdating stock options and less on accounting-related fraud. Therefore, firms that may 

have been engaging in fraudulent activities that the SEC did not, at the time, deem 

critical, may not have been cited in an AAER and their content was not analyzed as part 

of this study. This also creates the possibility that a company not targeted by the SEC, but 

none-the-less engaging in fraudulent behavior, may have entered into the control group. 
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A second threat to 

the internal validity of this 

study is the level of 

funding the SEC received 

for fraud identification. 

The budget for the SEC 

prior to fiscal year 2003 

was substantially lower 

than in later years. This 

likely means the SEC did not dedicate substantial funding to the identification of 

securities fraud until after fiscal year 2003 (see Figure 1), which is the later time period 

covered in this study. This also raises the possibility that the fraud was not pursued with 

great vigor from the mid-1990s to the early 2000s. Once again, that opens the possibility 

that a company engaging in fraudulent behavior may not have been cited in an AAER 

and may have been included in the control group. 

A final threat to the internal validity of this study is the implementation of the 

Public Company Accounting Reform and Investor Protection Act, colloquially known as 

the Sarbanes-Oxley Act of 2002 (SOX). The act imposed a number of new requirements 

on publicly traded companies, including enhanced reporting for off-balance sheet
4
 

transactions, pro-forma
5
 figures, and stock transactions of corporate officers. Kogan et al. 

(2011) found evidence that public firm disclosure in the MD&A sections is more 

informative about a firm’s future risk following the passage of SOX in 2002. It is 

                                                 
4
 Asset or debt or financing activity  not on a company’s balance sheet 

5
 Report of financial activities that exclude unusual or nonrecurring transactions 

Figure 2: Enacted SEC Spending Authority (FY 1995 to FY 2012)  

Source: Securities and Exchange Commission 
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possible that content themes and word usage that are indicative of fraudulent behavior are 

more pervasive in the MD&A sections in SEC Forms 10-K and 10-Q filed on or after 1 

August 2002, when SOX went into effect. Given that a significant number of the 

regulatory filings used in the analysis were filed before the implementation of SOX, it 

may be likely that fraudulent text patterns are less prevalent and harder to detect. 

External Validity 

External validity is threatened by a sampling from just two industry groups. The 

two industry groups that were used for the sample in this study might not be 

representative of all publicly traded firms. The nature of fraud indicators found in this 

study may not be generalizable across all firms. Given the descriptions of the fraud the 

accused companies perpetrated, the indicators may only be specific to the situation in 

which the test cases were accused of fraud by the SEC. The threat to external validity 

may be reduced by looking for the types of fraud that the test companies were accused of 

when applying these results outside of the industry group used.  

Chapter 3 Summary 

The research design uses open source content from publicly traded firms who 

have been accused of fraud in AAERs published by the SEC from 2002 to 2012. The 

dates of the alleged fraudulent activity occurred between 1994 and 2011. Each piece of 

content was first placed into either a fraud group or a control group. Each group was 

analyzed using the CATPAC software package to identify key themes and the 

relationships between words in the content. The results from each group were compared 

to determine if different themes emerged from the content and also the strength of the 

relationships of the words used in each group. 
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Each content piece was also analyzed using the Financial Sentiment Dictionary 

developed by Loughran and McDonald to determine the level of negative, positive, 

negation, litigious, and modal words. As with the CATPAC analysis, the content pieces 

were separated into a fraud group and a control group. A correlation analysis was then 

performed to determine the strength of the relationship between the word categories and 

content groups. The results of the correlation analysis were compared to see if the fraud 

group or control group was more likely to use words from each of the five categories.  

There are several limitations to the validity of this study. First, internal to this 

study, because all cases of fraud were identified using SEC AAERs, if the SEC focused 

on one type of fraud over another at any given point in time, that fraud may be over 

weighted in the sample. Second, during a significant portion of the time period this study 

used to select cases of fraud, the SEC did not receive substantial funding, likely inhibiting 

its ability to detect and prosecute fraud. Third, internal validity is limited by the 

implementation of SOX during the time period that sample data were selected from. 

Finally, the validity of the study may be externally threatened by the use of just two SIC 

codes instead of looking at a larger number of industry groups.  
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RESULTS 

Introduction 

The data is comprised of 602 case files which represents content extracted from 

the Management Discussion and Analysis (MD&A) section of SEC Forms 10-K and 10-

Q, letters to shareholders and, when available, transcripts of earnings calls with 

investment analysts. A total of 4.7 million words were contained in all of the cases 

analyzed. The cases, dating from June 1993 through June 2011, were separated into a 

fraud group and a control group based on accusations made by the Securities and 

Exchange Commission (SEC). After the data were sorted into each group, it was 

analyzed by the software package CATPAC to determine the frequency of words used in 

the cases and depicts how the words clustered in order to extract the meaning from the 

content. The total word counts of all the case files were compared to test for any 

distinguishable differences in the total number of words used and the length of the 

sentences used in the content. Also, the cases were analyzed with the Loughran and 

McDonald Financial Sentiment Dictionary, using the WordStat software package, to 

determine the sentiment contained in the text. WordStat was also used to test for a 

significant relationship between sentiment keyword category and the test groups.  

Data and Analysis 

At the outset of this study, the expected results of the semantic neural network 

analysis were the fraud group of companies would contain themes and word clusters 

different from those contained in the control group. Also, it was expected that there 

would be a significant difference in the words used between the fraud group and the 
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control group when analyzing the content with the Loughran and McDonald Financial 

Sentiment Dictionary in WordStat. 

Semantic Neural Network Data and Analysis 

The semantic neural network analysis was conducted in three steps. The first step 

consisted of analyzing the fraud group using the CATPAC software. The second step 

consisted of analyzing the control group also using the CATPAC software. The final step 

consisted of comparing the results of steps one and two to determine if different themes 

emerged. To produce meaningful results certain words were excluded from the analysis. 

The words were excluded because they are common words that would not add to the 

identification of themes in the content. The excluded words were based on Newman 

Foster’s (1996) work into the optimal parameters for CATPAC. Examples of the words 

include “Quarter”, “Year”, “Ended”, and “December”. A complete list of the excluded 

words can be found in Appendix B. 

Fraud data and analysis.  The analysis of the fraud group uncovered the 50 most 

frequently occurring words. Table 4 lists the 50 words. The most frequently occurring 

word is “Revenue” which occurred 19,732 times (7.1 percent). The second and third most 

frequently occurring words are “Products” and “Increase”, occurring 17,093 (6.1 

percent) and 11,873 (4.3 percent) respectively. The fourth and fifth most frequently 

occurring words are “Company” (10,647; 3.8 percent) and “Result” (10,254; 3.7 percent).  

Completing the list of the top 10 words most frequently used are “Software” (10,008; 3.6 

percent), “Service” (9,498; 3.4 percent), “Sales” (9.471; 3.4 percent), “Costs” (9,347; 3.4 

percent), and “Expenses” (9,060; 3.3 percent). 
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    DESCENDING FREQUENCY LIST                ALPHABETICALLY SORTED LIST 

 

                           CASE CASE                                CASE CASE 

WORD             FREQ PCNT FREQ PCNT     WORD             FREQ PCNT FREQ PCNT 

---------------  ---- ---- ---- ----     ---------------  ---- ---- ---- ---- 

REVENUES         19732 7.1 90910 32.7     ACCOUNTING       2599  0.9 12900  4.6 

PRODUCTS         17093 6.1 75946 27.3     ASSETS           3204  1.2 15696  5.6 

INCREASE         11873 4.3 61254 22.0     BASED            3692  1.3 22457  8.1 

COMPANY          10647 3.8 46408 16.7     BUSINESS         7250  2.6 40851 14.7 

RESULTS          10254 3.7 60540 21.8     CASH             5574  2.0 25022  9.0 

SOFTWARE         10008 3.6 51591 18.5     CERTAIN          2542  0.9 15921  5.7 

SERVICE          9498  3.4 47791 17.2     COMPANY          10647 3.8 46408 16.7 

SALES            9471  3.4 49022 17.6     COMPARED         2788  1.0 17897  6.4 

COSTS            9347  3.4 48738 17.5     CONTINUE         2922  1.0 18992  6.8 

EXPENSES         9060  3.3 49940 17.9     COSTS            9347  3.4 48738 17.5 

CUSTOMERS        7744  2.8 42429 15.2     CUSTOMERS        7744  2.8 42429 15.2 

BUSINESS         7250  2.6 40851 14.7     DEVELOPMENT      5571  2.0 31033 11.1 

STOCK            6095  2.2 26428  9.5     EXPENSES         9060  3.3 49940 17.9 

OPERATING        5899  2.1 35871 12.9     FINANCIAL        5497  2.0 32929 11.8 

NET              5829  2.1 31228 11.2     FISCAL           2753  1.0 12928  4.6 

OPERATIONS       5805  2.1 34223 12.3     FUTURE           5623  2.0 34685 12.5 

FUTURE           5623  2.0 34685 12.5     GENERAL          2531  0.9 14382  5.2 

CASH             5574  2.0 25022  9.0     INCOME           5051  1.8 22787  8.2 

DEVELOPMENT      5571  2.0 31033 11.1     INCREASE         11873 4.3 61254 22.0 

FINANCIAL        5497  2.0 32929 11.8     INTEREST         2499  0.9 11289  4.1 

MARKET           5123  1.8 28395 10.2     LICENSE          4845  1.7 25328  9.1 

INCOME           5051  1.8 22787  8.2     MAINTENANCE      3265  1.2 18029  6.5 

RELATED          4949  1.8 31015 11.1     MANAGEMENT       3865  1.4 22595  8.1 

LICENSE          4845  1.7 25328  9.1     MARKET           5123  1.8 28395 10.2 

TOTAL            4425  1.6 25713  9.2     MARKETING        3277  1.2 18728  6.7 

PRIMARILY        4067  1.5 27575  9.9     NET              5829  2.1 31228 11.2 

MANAGEMENT       3865  1.4 22595  8.1     OPERATING        5899  2.1 35871 12.9 

SIGNIFICANT      3747  1.3 23669  8.5     OPERATIONS       5805  2.1 34223 12.3 

BASED            3692  1.3 22457  8.1     PERCENTAGE       2801  1.0 18338  6.6 

US               3459  1.2 20648  7.4     PERSONNEL        2678  1.0 15298  5.5 

VALUE            3432  1.2 17607  6.3     PRICE            2800  1.0 16102  5.8 

MARKETING        3277  1.2 18728  6.7     PRIMARILY        4067  1.5 27575  9.9 

MAINTENANCE      3265  1.2 18029  6.5     PRODUCTS         17093 6.1 75946 27.3 

TAX              3246  1.2 13379  4.8     RELATED          4949  1.8 31015 11.1 

ASSETS           3204  1.2 15696  5.6     RESEARCH         2777  1.0 16205  5.8 

TECHNOLOGY       3138  1.1 17667  6.3     RESULTS          10254 3.7 60540 21.8 

SUPPORT          2942  1.1 17992  6.5     REVENUES         19732 7.1 90910 32.7 

CONTINUE         2922  1.0 18992  6.8     SALES            9471  3.4 49022 17.6 

PERCENTAGE       2801  1.0 18338  6.6     SERVICE          9498  3.4 47791 17.2 

PRICE            2800  1.0 16102  5.8     SIGNIFICANT      3747  1.3 23669  8.5 

COMPARED         2788  1.0 17897  6.4     SOFTWARE         10008 3.6 51591 18.5 

RESEARCH         2777  1.0 16205  5.8     STOCK            6095  2.2 26428  9.5 

FISCAL           2753  1.0 12928  4.6     SUPPORT          2942  1.1 17992  6.5 

PERSONNEL        2678  1.0 15298  5.5     SYSTEMS          2555  0.9 14146  5.1 

ACCOUNTING       2599  0.9 12900  4.6     TAX              3246  1.2 13379  4.8 

SYSTEMS          2555  0.9 14146  5.1     TECHNOLOGY       3138  1.1 17667  6.3 

CERTAIN          2542  0.9 15921  5.7     THIRD            2494  0.9 14433  5.2 

GENERAL          2531  0.9 14382  5.2     TOTAL            4425  1.6 25713  9.2 

INTEREST         2499  0.9 11289  4.1     US               3459  1.2 20648  7.4 

THIRD            2494  0.9 14433  5.2     VALUE            3432  1.2 17607  6.3 

Table 4: Fraud Group Word Frequencies Analysis  

Source: CATPAC 

 

The cluster analysis revealed four distinct groups of meaning from the fraud 

group content. The dendrogram,
6
 as depicted in Figure 3, shows the word clusters that 

                                                 
6
 A tree diagram used to illustrate the arrangement of the clusters  
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form the meaning groups from the content. Cluster 1, which had the strongest 

relationship among the words, includes the terms “Development”, “Research”, “Income”, 

“Maintenance”, “License”, and “Marketing”. The terms are highlighted in blue in the 

frequency analysis table. The use of these words indicates a focus in the content on 

deriving income sales of maintenance software contracts, and additional software license 

sales.  The word cluster also indicates that the companies discuss products currently in 

the research and development phase that will be used to generate revenue in the future. 

The use of these particular terms in cluster 1 indicates a focus on generating income from 

existing products or products that have yet to reach the market in the near-term. However, 

it should be noted that this cluster did not indicate any discussion of current financial 

results from sales of the product. 

Cluster 2, the largest of the words clusters, contains the terms “Company”, 

“Products”, “Market”, “Customers”, “Service”, “Results”, “Future”, “Operations”, 

“Software”, “Increase”, and “Financial”. The terms are highlighted in green in the 

frequency analysis table. The use of these particular words in cluster 2 indicates that 

management is attempting to discuss what financial results might be in the future. The 

theme in cluster 2 indicates that the companies are not focusing on current term results, 

but rather are steering the consumer of the content to the possibilities of the future 

financial results.  As noted with cluster 1, there is an absence of a discussion of current 

financial results in this cluster.   

Cluster 3 contains the words “Continue” and “Support”. The terms are highlighted 

in red in the frequency analysis table. In analyzing the usage of these terms from the 

source content, the companies discuss the need to continue to support existing products. 
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Given cluster 3’s somewhat close relationship to cluster 1, the discussion of supporting 

existing products is likely related to maintaining a revenue stream or supporting the 

products until new ones under development can be released to the market. The continued 

support of existing products can be considered a near-term need that the company is 

discussing.  

Cluster 4 contains the terms “Price” and “Stock”. The terms are highlighted in 

black in the frequency analysis table. It seems self-evident that these terms indicate a 

focus on the performance of the company’s stock price. Given a focus on the movement 

of the firm’s stock price, this is likely an indicator of the company having a concentration 

on short-term activity. However, this is a theme that is likely present among all publicly 

traded companies in the United States.   

 
Figure 3: Dendrogram of Fraud Group Content with Word Clusters  

Source: CATPAC 

Overall, the themes that emerge from the fraud group companies indicate that the 

companies focus on near-term subjects such as sales and marketing, supporting products 
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and customers, and the firm’s stock price. It is important to note that in none of the 

clusters did a theme emerge regarding the current financial position of the company. The 

results indicate that the firms do not appear to focus on current financial results, but 

rather focus on the possibilities of the future results.  

Control data and analysis.  The analysis of the control group uncovered the 50 

most frequently occurring words. Table 5 lists the 50 words. The most frequently 

occurring word is “Revenue” where is occurred 27,621 times (7.6 percent). The second 

and third most frequently occurring words are “Products” and “Company”, occurring 

18,277 (5.0 percent) and 16,193 (4.5 percent) respectively. The fourth and fifth most 

frequently occurring words are “Services” (15,632; 4.3 percent) and “Increase” (13,622; 

3.8 percent).  Completing the list of the top 10 words most frequently used are “Costs” 

(12,990; 3.6 percent), “Results” (12,433; 3.4 percent), “Expenses” (11,660; 3.2 percent), 

“Business” (10,516; 2.9 percent), and “Software” (9,791; 2.7 percent). 

    DESCENDING FREQUENCY LIST                ALPHABETICALLY SORTED LIST 

 

                           CASE CASE                                CASE CASE 

WORD             FREQ PCNT FREQ PCNT     WORD             FREQ PCNT FREQ PCNT 

---------------  ---- ---- ---- ----     ---------------  ---- ---- ---- ---- 

REVENUE          27621 7.6 123007 33.8    ACCOUNTING      4012  1.1 20275   5.6 

PRODUCTS         18277 5.0 85688  23.6    ACTIVITIES      3312  0.9 18645   5.1 

COMPANY          16193 4.5 74209  20.4    ADDITION        3179  0.9 21807   6.0 

SERVICES         15632 4.3 75365  20.7    ADDITIONAL      3216  0.9 19581   5.4 

INCREASE         13622 3.8 71892  19.8    APPROXIMATELY   4697  1.3 25627   7.0 

COSTS            12990 3.6 65389  18.0    ASSETS          4916  1.4 24479   6.7 

RESULTS          12433 3.4 75405  20.7    BASED           4745  1.3 29111   8.0 

EXPENSES         11660 3.2 62435  17.2    BUSINESS        10516 2.9 59343  16.3 

BUSINESS         10516 2.9 59343  16.3    CASH            8330  2.3 36555  10.1 

SOFTWARE         9791  2.7 51904  14.3    CERTAIN         4457  1.2 27325   7.5 

STOCK            9477  2.6 39595  10.9    COMMON          3174  0.9 18645   5.1 

OPERATING        9407  2.6 55086  15.2    COMPANY         16193 4.5 74209  20.4 

CUSTOMERS        8473  2.3 44666  12.3    COMPARED        4455  1.2 28113   7.7 

CASH             8330  2.3 36555  10.1    CONTINUE        3356  0.9 21971   6.0 

FINANCIAL        8166  2.2 48989  13.5    COSTS           12990 3.6 65389  18.0 

SALES            8006  2.2 43877  12.1    CUSTOMERS       8473  2.3 44666  12.3 

NET              7969  2.2 41174  11.3    DEVELOPMENT     6051  1.7 33755   9.3 

INCOME           7613  2.1 34704   9.5    EXPENSES        11660 3.2 62435  17.2 

OPERATIONS       7380  2.0 44064  12.1    FINANCIAL       8166  2.2 48989  13.5 

FISCAL           6963  1.9 32988   9.1    FISCAL          6963  1.9 32988   9.1 

FUTURE           6945  1.9 43497  12.0    FUTURE          6945  1.9 43497  12.0 

RELATED          6941  1.9 42604  11.7    GROWTH          3255  0.9 19528   5.4 

TOTAL            6134  1.7 37382  10.3    INCOME          7613  2.1 34704   9.5 
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PRIMARILY        6073  1.7 40473  11.1    INCREASE        13622 3.8 71892  19.8 

DEVELOPMENT      6051  1.7 33755   9.3    LICENSE         4541  1.3 25247   6.9 

MARKET           5470  1.5 31496   8.7    MANAGEMENT      3271  0.9 20595   5.7 

SIGNIFICANT      4985  1.4 32249   8.9    MARKET          5470  1.5 31496   8.7 

TAX              4983  1.4 20897   5.7    MARKETING       4260  1.2 24998   6.9 

ASSETS           4916  1.4 24479   6.7    NET             7969  2.2 41174  11.3 

THIRD            4869  1.3 28398   7.8    OPERATING       9407  2.6 55086  15.2 

BASED            4745  1.3 29111   8.0    OPERATIONS      7380  2.0 44064  12.1 

APPROXIMATELY    4697  1.3 25627   7.0    PERCENTAGE      3872  1.1 24384   6.7 

LICENSE          4541  1.3 25247   6.9    PRICE           3650  1.0 20896   5.7 

CERTAIN          4457  1.2 27325   7.5    PRIMARILY       6073  1.7 40473  11.1 

COMPARED         4455  1.2 28113   7.7    PRODUCTS        18277 5.0 85688  23.6 

MARKETING        4260  1.2 24998   6.9    RELATED         6941  1.9 42604  11.7 

ACCOUNTING       4012  1.1 20275   5.6    RESULTS         12433 3.4 75405  20.7 

PERCENTAGE       3872  1.1 24384   6.7    REVENUE         27621 7.6 123007 33.8 

PRICE            3650  1.0 20896   5.7    SALES           8006  2.2 43877  12.1 

TECHNOLOGY       3631  1.0 21735   6.0    SERVICES        15632 4.3 75365  20.7 

US               3608  1.0 21341   5.9    SIGNIFICANT     4985  1.4 32249   8.9 

VALUE            3498  1.0 18686   5.1    SOFTWARE        9791  2.7 51904  14.3 

CONTINUE         3356  0.9 21971   6.0    STOCK           9477  2.6 39595  10.9 

ACTIVITIES       3312  0.9 18645   5.1    SYSTEMS         3080  0.8 15940   4.4 

MANAGEMENT       3271  0.9 20595   5.7    TAX             4983  1.4 20897   5.7 

GROWTH           3255  0.9 19528   5.4    TECHNOLOGY      3631  1.0 21735   6.0 

ADDITIONAL       3216  0.9 19581   5.4    THIRD           4869  1.3 28398   7.8 

ADDITION         3179  0.9 21807   6.0    TOTAL           6134  1.7 37382  10.3 

COMMON           3174  0.9 18645   5.1    US              3608  1.0 21341   5.9 

SYSTEMS          3080  0.8 15940   4.4    VALUE           3498  1.0 18686   5.1 
Table 5: Control Group Word Frequencies Analysis  

Source: CATPAC 

 

The cluster analysis revealed three distinct collections of meaning from the 

control group content. The dendrogram, as depicted in Figure 5, shows the word clusters 

that form the meaning groups from the content. Cluster 1, the largest of the clusters, used 

the words, “Business”, “Services”, “Results”, “Operating”, “Increase”, “Revenue”, 

“Products”, “Continue”, “Financial”, “Costs”, and “Operations”. The terms are 

highlighted in blue in the frequency analysis table. The analysis of these words indicates 

that the management of the company is discussing the current period financial results. 

This clearly shows that management is drawing attention to the firm’s actual performance 

and is not trying to deflect attention from the results.  

Cluster 2 contains terms such as “Activities”, “Assets”, “Fiscal”, “Net”, “Income”, 

“Growth”, and “Tax”.  The terms are highlighted in green in the frequency analysis table. 

The terms used in cluster 2 indicate that management is discussing the financial well-
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being of the firm. The focus of the discussion is not only the current performance of the 

firm, but also on how the company can leverage its current financial position in the 

future.  

The third and final cluster contains words such as “Common”, “Market”, “Price”, 

and “Stock”. The terms are highlighted in red in the frequency analysis table. The final 

cluster is similar to a cluster found in the fraud group. These words clearly indicate that 

management is discussing the performance of the company’s stock performance. As 

previously indicated, it is likely that such a theme will be found in any public company 

analyzed given the nature of what is expected of publicly traded firms by securities 

analysts.  Similar to the discussion in the fraud group, this is an indicator of near-term 

focus.  

 
Figure 4: Dendrogram of Fraud Group Content with Word Clusters  

Source: CATPAC 

Overall, the themes that emerge from the control group companies indicate that 

the companies focus on the financial performance of the firm. Based on this analysis, it 

does not appear that the companies are attempting to deflect attention from how well the 
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firm is performing, at least financially. However, the one short-term focus the control 

companies do exhibit is a focus on the stock price performance. As previously discussed, 

this will likely be present in the analysis of any publicly traded firm in the United States. 

Comparison of fraud and control group themes. Based on the results from the 

CATPAC software, it is evident that companies who are engaged in some form of 

fraudulent activity demonstrate themes in their content that are markedly different from 

companies that have not been accused of fraud. The companies in the fraud group 

exhibited themes that focused on how current products and products not yet released to 

the market will improve future performance. The companies in the control group 

exhibited themes that focused on how the firm is currently performing and how it is 

financially positioned for the future. However, both groups did have a current stock price 

performance theme emerge. This is likely due to the expectations that securities analysts 

place on publicly traded companies.   

Word Count Data and Analysis 

Overall, the word count data results support Pennebaker (2011, pp. 115-116) that 

deceivers will use less words and shorter sentences.  
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The word count data showed that, overall, the companies in the fraud group used 

an average of 6,477 words in their content cases; while the control companies used an 

average of 8,394 words in their content cases. The control companies used 129.59 percent 

more words in the content pieces than the companies in the fraud group. However, to 

adjust for the possible of one exceptionally large or small case skewing the results the 

median values of both groups were also compared. This comparison showed that the 

fraud companies used a median of 5,791 words while the control companies used a 

median of 6,790 words. Even using the median values the control companies used 117.25 

percent more words than the fraud companies.  

Table 6 shows the distribution of total word usage across all cases. From the 

histogram it is apparent 

that the companies in 

the fraud group are 

tightly clustered toward 

the lower word count 

totals. The fraud group 

also lacks cases beyond 

a total of 20,000 words. 

The control group shows a tight cluster at a much higher word count than the fraud group 

and has several cases that exceed 25,000 words.  

Figure 5: Total Word Count Distribution  

Source WordStat 
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The sentences in the content of the companies in the fraud group were generally 

shorter than the sentences used in the content of the control group. However, the 

difference is small. Companies in the fraud group used an average of 26.68 words per 

sentence in their content versus the control companies, which used an average of 27.63 

words per sentence. Table 7 shows a comparison the distribution of words per sentence 

for fraud and control group. From this histogram it can be seen that while the mean for 

both groups is close, the control group a wider dispersion of sentence length than the 

fraud group companies.  

Similar analysis on SEC Form 10-K and SEC Form 10-Q cases and yielded 

comparable results, figures 7 through 11 show the results of the 10-K and 10-Q analysis. 

The additional analysis was performed on just the 10-K and 10-Q cases because it is the 

only content that was available for every company in both the fraud and control groups. 

Table 6 shows the 

results of word count 

analysis and table 7 

shows the results for 

the words per sentence 

analysis. 

Figure 6: Words per Sentence Distribution  

Source: WordStat 
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Figure 7: 10-Q Word Count Distribution  

Source: WordStat 
Figure 8: 10-K Word Count Distribution  

Source: WordStat 

Figure 9: 10-Q Word per Sentence Distribution  

Source: WordStat 

Figure 10: 10-K Word per Sentence Distribution  

Source: WordStat 
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Word Count 

 All Content 10-K Only 10-Q Only 

 Fraud Control Fraud Control Fraud Control 

Mean 6,477 8,394 8,928 10,715 7,285 8,018 

Median 5,791 6,790 8,423 8,809 6,728 6,358 

Min Val 221 348 752 1,859 599 1,118 

Max Val 21,994 36,994 21,994 36,994 20,014 28,185 

Table 6: Word Count Descriptive Statistics  

Source: Microsoft Excel 

 

Words per Sentence 

 All Content 10-K Only 10-Q Only 

 Fraud Control Fraud Control Fraud Control 

Mean 26.68 27.63 25.15 26.70 26.66 28.12 

Median 26.27 27.43 24.74 27.24 26.49 27.57 

Min Val 18.45 14.12 18.45 20.19 20.24 19.24 

Max Val 48.75 44.35 36.93 33.85 40.75 44.32 

Table 7: Words per Sentence Descriptive Statistics  

Source: Microsoft Excel 

  

Sentiment Dictionary Data and Analysis 

The Loughran and McDonald Financial Sentiment Dictionary divides words into 

six categories. The categories include: 

1. Negative Words 

2. Positive Words 

3. Uncertainty Words 

4. Litigious Words 

5. Modal Words Strong 

6. Modal Words Weak 
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Negative words are 

words that have an undesirable 

connotation in a business 

context. This differs from 

psychological dictionaries. For 

example, the word “decrease” 

in a psychological context 

carries a negative connotation, 

where in a business setting the word has an ambiguous meaning and would not be 

considered negative (Loughran & McDonald, 2011a).  Uncertainty words are words that 

focus on imprecision; examples include words such as, “approximate”, “depend”, and 

“fluctuate” (Loughran & McDonald, 2011a). Litigious words do not necessary imply a 

legal contest, but may reflect a more litigious business environment (Loughran & 

McDonald, 2011a). Finally, modal words are words that express levels of confidence. 

Strong modal words include words such as, “always”, “must”, and “will”. Weak modal 

words include words such as, “could”, “might”, and “possibly”. A complete list of the 

words in each category can be found in Appendix C of this study. 

Negative words comprised the greatest percentage of the key words from the 

dictionary found in the test cases. Negative words, uncertainty words, and modal words 

weak accounted for a total of 72.8 percent of keywords found in the test cases. Negative 

words accounted for 29.3 percent, uncertainty words accounting for 28.9 percent and 

modal words weak accounted for14.6 percent of the keywords found in the test cases. 

Figure 12 shows the total percentage breakdown of keywords found in the test cases.  

Figure 11: Distribution of Financial Sentiment Keywords  

Source WordStat 
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The companies in the fraud group used keywords from the negative, uncertainty, 

and model weak word categories as a greater percent of their total words than companies 

from the control group. Specifically, 2.02 percent of the words used by the fraud group 

companies are negative 

keywords. This is 

compared with 1.91 

percent of the total 

words used by the 

control companies. The 

companies in the 

control group used 

uncertainty words as 

1.89 percent of the total words from the sample cases compared with companies in the 

fraud group who use uncertainty keywords as 1.98 percent of the total words. Also, 

companies in the fraud group used modal weak keywords as 1.054 percent of their total 

words; the control companies used modal weak keywords as 0.915 percent of their total 

words. Figure 13 shows the percentage of total words by word category and company 

group.  

On the surface these results tend to confirm Larcker and Zakolyikina (2012), 

Pennebaker (2011), Hirschberg (2010), and Newman et al. (2003) who, collectively, said 

deceivers would use more non-extreme, negative, and passive words. To determine if the 

differences in word category usage are meaningful and predictive between the companies 

in the fraud and control groups the differences were tested for statistical significance. If 

Figure 12: Percentage of Total Words by Sentiment Category  

Source: WordStat 
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the results indicate a P-value < 0.05 the results were considered significant, meaning it is 

unlikely to have occurred by chance. If the results indicated a P-value > 0.05, then the 

results were considered not significant. Table 8 shows the results of the test.  

Keyword Category Fraud Control P (1-Tail) 

Negative Words 2.020% 1.913% 0.016 

Uncertainty Words 1.978% 1.891% 0.006 

Modal Words Weak 1.054% 0.915% 0.066 

Positive Words 0.914% 0.902% 0.020 

Litigious Words 0.534% 0.476% 0.010 

Modal Words Strong 0.406% 0.409% 0.001 
Table 8: Probability of Obtaining a Test Statistic.  

The strongest results that are considered significant are uncertainty words, with a 

P-value of 0.006, litigious words, with a P-value 0.01, and modal words strong, with a P-

value of 0.001. These results indicate that companies in the fraudulent group are 

statistically more likely to use uncertainty and litigious words in the content companies 

produce. It also indicates that companies in the control group are statistically more likely 

to use modal strong words than companies in the fraud group. 

Other results that indicate significance include the categories, negative (P-value = 

0.016) and positive words (P-value = 0.02). These results indicate that the fraud group is 

more likely to use negative words in the content the companies generated than the control 

group. Interestingly, the results also indicate that the fraud companies are more likely 

than the control companies to use positive words in the content generated. It is likely that 

significant higher use of positive words by the fraud companies is related to what was 

found in the semantic neural network analysis. As a reminder, the semantic neural 

network analysis found that companies in the fraud group generally focused on the 

possibilities that the future may hold. The use of positive words by the companies in the 
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fraud group is likely a manifestation of those themes found and should be viewed as 

confirmation of those findings.  

Chapter 4 Summary 

Semantic neural network analysis demonstrated that companies that have been 

accused of fraud have distinctly different themes that emerge in their content than 

companies that have not been accused of fraud. When comparing the dendrograms of the 

words clusters that reveal the themes in the content, it can be seen that the companies in 

the fraud group generally deflect attention from current financial results. The content 

analyzed from the fraud firms does not appear to focus on current financial results, but 

rather focuses on the possibilities of the future results. While the companies in the control 

group demonstrated themes that indicate it is focused on the current financial 

performance of the firm. The results did not indicate that the companies are attempting to 

deflect attention from how well the firm is performing, at least financially. 

The word count analysis indicated that, on average, firms in the fraud group 

generally produce content that is shorter, as measured by total number of words, than 

firms in the control group. In fact, the analysis also showed that the sentences in the 

content of the fraud group companies are shorter than the sentences in the content of the 

control group companies. These results were generally borne out over the different 

content type categories (e.g. SEC Form 10-K). 

Finally, a relationship was found in the fraud group’s usage of uncertainty, 

litigious, and negative and positive words. The usage of positive words by companies in 

the fraud group likely supports the results found in the neural network analysis. Of equal 

importance, a relationship was found in the control group’s use of modal words strong. 
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These meaningful differences demonstrate that companies who are engaged in fraudulent 

activity are likely to be using words differently than companies who are not engaged in 

fraud.   
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CONCLUSION 

Introduction 

The results of this study demonstrate that the application of content analysis to 

open source documents of publicly traded companies may be useful in determining if a 

company is engaged in fraudulent activity. The analysis in this study occurred after the 

Securities and Exchange Commission (SEC) had already accused a company of fraud and 

identified the time period in which the fraudulent activity occurred. Using semantic 

neural network analysis, word count analysis, and sentiment analysis this study has 

demonstrated tools and methods that will be helpful in determining if a company is 

engaging in some type of malfeasance.   

Summary of the Study 

This study used SEC Accounting and Auditing Enforcement Releases to 

determine which companies have been accused of fraud. Once the companies engaged in 

fraud were determined, the SIC codes for each company in the list were also identified. A 

control group of companies from the same industry as the fraud companies was 

established. The only requirement that had to be met to be included in the control group 

was that the company had not been accused of fraud contemporaneously with the fraud 

companies. The content for both the fraud and control companies was identified and 

analyzed using the software tools CATPAC and WordStat.  

CATPAC identified word clusters to reveal themes in the text and also indicated 

the strength of the relationship of the words contained in the cluster. The themes that 

CATPAC identified from the companies in the fraud group and the control group were 

compared to identify differences. WordStat provided descriptive statistics on word count 
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and sentence length. The software also allowed for the text to be analyzed with a 

financial sentiment dictionary. The results of the descriptive statistics and the financial 

sentiment dictionary were compared between the fraud and control groups to find 

differences that may be indicators of fraud.  

Discussion of the Findings 

The findings suggest that the open source content of publicly traded companies 

can be used to identify indicators of fraudulent behavior occurring at a firm. Semantic 

neural network analysis was able to demonstrate that different themes emerge from the 

content of companies in the fraud group and control group. Specifically, the analysis 

yielded results that showed companies in the fraud group do not appear to focus on 

current financial results, but rather focus on the possibilities of future results. This could 

be interpreted as the fraud group companies attempting to deflect discussion from current 

results. While the companies in the control group demonstrated themes that indicate a 

focus on the current financial performance of the firm, the results did not indicate that the 

control companies are attempting to deflect attention from how well the firm is 

performing, at least financially. 

Also, an analysis of total number of words used in content cases and sentence 

length demonstrated a difference in the length of the content published by companies 

accused of fraud and companies not accused of fraud. The results indicate that, on 

average, companies that have not been accused of fraud will use 129.59 percent more 

words in their content than companies that have been accused of fraud. Also, the results 

show that companies accused fraud will use an average of 26.68 words per sentence 

while companies not accused of fraud use an average of 27.63 words per sentence.   
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Finally, a relationship was found between fraudulent companies use of 

uncertainty, litigious, and, negative and positive words. These results indicated that 

companies engaged in some type of fraudulent activity are likely to use words such as 

“almost”, “possible”, “roughly”, and “seldom” with greater frequency than companies 

not engaged in fraudulent activity. While, at the same time, companies who are unlikely 

to be engaged in fraud are more likely to use words such as “always”, “clearly”, “never”, 

and “will” with greater frequency than companies engaged in fraud. A complete list of 

the words in the financial sentiment dictionary can be found in Appendix C. It is likely 

that significant higher use of positive words by the fraud companies is related to what 

was found in the semantic neural network analysis. The use of positive words by the 

companies in the fraud group is likely a manifestation of those themes found and should 

be viewed as confirmation of those findings. 

Implications for Practice 

The findings contained in this study are easily reproducible by practitioners who 

are interested in examining companies to find indicators that the company may be 

engaging in fraud. Practitioners are able to examine the content of companies over any 

time period that is necessary. The data required to undertake similar studies is, for the 

most part, readily available on the Internet.  

Investment Management 

This study has particularly significant implications for practitioners in the 

investment and asset management community. Members of this community have 

historically employed analytical methods centered on the analysis of financial statements 

or the use of statistical and mathematical models to identify potential investments. It was 
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observed during the data collection for this study that there could be a significant lag in 

time between the manifestation of fraud on the financial statements or the recognition by 

a regulatory body. This study provides tools to help investment practitioners to help 

predict cases of fraud sooner and avoid them as investment targets. 

Regulatory Enforcement Agencies 

Regulatory enforcement agencies will be able to find a use for the results found in 

this study. Regulatory agencies, such as the SEC account for the identification of only 7 

percent (Dyck, Morse, & Zingales, 2010) of corporate fraud. Employing the method 

described in this study will allow the agencies to proactively identify more potential cases 

of fraud and thereby reduce the impact fraudulent companies may have on the overall 

economy.  

Recommendations for Further Research 

This study focused on limited number of SIC codes. Future research could be 

conducted on several industries to determine if similar themes of fraud emerge. For 

example, do the fraud patterns identified in the study hold true across all industries? 

Additional research can also focus on specific industry groups different from the industry 

used in this study. Is there a correlation between different industries and the patterns of 

fraud that emerge from the content produced by the companies in the various industry 

groups? 

Further research can expand upon this work by integrating the actual financial 

results related to the nature of the fraudulent action. A number of the companies that were 

accused of fraud by the SEC were accused of accounting fraud, for example improperly 
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recognizing revenue. Does a relationship exist between the discussion of revenue in the 

MD&A in the 10-K or 10-Q and how revenue is recorded on the income statement?  

Additional research can address the issue of market capitalization. A potential 

research scenario may be to examine companies solely within the same market 

capitalization range and across market capitalization ranges. For example, are fraud 

indicators stronger when comparing companies with a market cap of USD 2 billion to 

USD 10 billion? Or can fraud patterns be determined when comparing companies with a 

market cap of USD 250 million to USD 2 billion with companies with a market cap of 

over USD 10 billion?  

Further research can also address the effects of market action on fraud indicators 

in the content generated by companies. In the United States, a firm’s management team is 

very sensitive to market participants’ opinion of the company. A negative view of the 

company by the overall market may induce management to misrepresent the firm to the 

market. For example, will more indicators of fraud appear in corporate content as the 

short-interest ratio
7
 of the companies increases? 

Finally, strictly from a financial market point-of-view, additional research could 

address potential trading strategies for the securities of companies that show indicators of 

fraud and companies that do not show indicators of fraud. For example, are investment 

returns enhanced by shorting
8
 the securities of companies that show indicators of fraud 

and going long
9
 on the securities that do not show indicators of fraud in the open source 

                                                 
7
 Ratio provides a number that is used by investors to determine how long it will take short sellers, in days, 

to cover their entire positions if the price of a stock begins to rise 
8
  The practice of selling securities or other financial instruments, with the intention of repurchasing them at 

a later date and at a lower price 
9
  The holder of the position owns the security and will profit if the price of the security goes up. 
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content? Also, will selling put options
10

 on companies with fraud indicators and buying 

call options
11

 on the companies not showing indicators of fraud enhance returns? 

Conclusions 

This study has demonstrated that indicators of fraud exist in the open source 

content published by publicly traded companies. The research has shown that there are 

distinctly different themes that emerge from the content generated by companies that 

have been accused of fraud than what emerges from companies that have not been 

accused of fraud. This study also indicates that there is a relationship between the words 

used by fraudulent companies and non-fraudulent companies. The methodology 

employed in this study allows practitioners to assess the risk of being a victim of a 

fraudulent business transaction. It will also allow investment managers to reduce the 

uncertainty associated with allocating capital when investing in a firm.  

However, the results found in this study are not the only means to determine if a 

firm is engaged in fraudulent activity. This study provides only one potential technique to 

reduce uncertainty and surprise when looking for indicators of fraud. John Muir said 

“When we try to pick out anything by itself, we find it hitched to everything else in the 

universe” (Munger, 2010, p. 54); the results of this study should be considered in light of 

what is occurring in the macroeconomic environment. It is likely that the results found in 

this study will be strengthened when the methodology employed in this study are used in 

conjunction with other analytic methodologies.   

  

                                                 
10

  The buyer of the put, has the right, but not an obligation, to sell the asset at the strike price by the future 

date, while the other party, the seller of the put, has the obligation to buy the asset 
11

 The buyer of the call has the right, but not an obligation to buy the asset at the strike price by the future 

date, while the other party, the seller of the call, had the obligation to sell the asset 
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APPENDICES 

Appendix A: Securities Class Action Lawsuit Trend 

 

 
Figure 13 Securities Class Action Lawsuits since 2006  

Source: Stanford Law School Securities Class Action Clearinghouse 
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Appendix B: CATPAC Excluded Words 

 

WILL NOW GAVE A STILL

USE HERE BEING AN SUCH

MAKE THERE WHICH ANOTHER TAKE

WHO CAME HIS AS THAN

WHAT INTO HERS AT THOSE

WHERE DURING BEEN BACK THROUGH

WHEN THEY'D USING BE TO

HOW AFTER HER'S BEFORE TOO

WHY MRS WENT BESIDES UP

IT'S MISS MADE BETWEEN WAY

ITS MISTER UNTIL BY WE

THE THEY SAID COME WELL

BUT MAY SAY DO YOU

ANY SHLL TRIED EVEN JANUARY

CAN DID TRY HE FEBRUARY

THIS DIDN'T EITHER HI MARCH

THAT ISN'T OTHER HIMSELF APRIL

AND SHE MORE IF MAY

HAVE HER LESS IN JUNE

FOR HIM ALL IS JULY

ARE YET ONTO IT AUGUST

HAS GET DONE JUST SEPTEMBER

THEM KEPT SAW LIKE OCTOBER

THESE GIVE DOES MANY NOVEMBER

OUR THUS NOT MOST DECEMBER

YOUR VERILY BOTH MUST YEAR

YOURS GOES NIETHER MY THREE

OURS GONE NOR NO MONTHS

THEIRS ECT ALTHOUGH OF ENDED

THEIR GOT THOUGH ON MILLION

WAS MID WOULD ONE INCLUDING

HAD OWN COULD OR WILL

WITH VERY SHOULD OUT QUARTER

ALSO EVERY ABOUT S PERIOD

FROM EACH BECAUSE SAME UNDER

WERE SOME BECAME SEE DUE

WHILE MUCH OFF SINCE

THEN ONLY EXCLUDE SO  
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Appendix C: Loughran and McDonald Financial Sentiment Dictionary 

Negative Words 

ABANDON CRIMINAL DISREGARDS IMPROPERLY NULLIFIES SHORTFALLS 

ABANDONED CRIMINALLY DISREPUTABLE IMPROPRIETIES NULLIFY SHRINKAGE 

ABANDONING CRIMINALS DISREPUTE IMPROPRIETY NULLIFYING SHRINKAGES 

ABANDONMENT CRISES DISRUPT IMPRUDENT OBJECTED SHUT 

ABANDONMENTS CRISIS DISRUPTED IMPRUDENTLY OBJECTING SHUTDOWN 

ABANDONS CRITICAL DISRUPTING INABILITY OBJECTION SHUTDOWNS 

ABDICATED CRITICALLY DISRUPTION INACCESSIBLE OBJECTIONABLE SHUTS 

ABDICATES CRITICISM DISRUPTIONS INACCURACIES OBJECTIONABLY SHUTTING 

ABDICATING CRITICISMS DISRUPTIVE INACCURACY OBJECTIONS SLANDER 

ABDICATION CRITICIZE DISRUPTS INACCURATE OBSCENE SLANDERED 

ABDICATIONS CRITICIZED DISSATISFACTION INACCURATELY OBSCENITY SLANDEROUS 

ABERRANT CRITICIZES DISSATISFIED INACTION OBSOLESCENCE SLANDERS 

ABERRATION CRITICIZING DISSENT INACTIONS OBSOLETE SLIPPAGE 

ABERRATIONAL CRUCIAL DISSENTED INACTIVATE OBSTACLE SLIPPAGES 

ABERRATIONS CRUCIALLY DISSENTER INACTIVATED OBSTACLES SLOW 

ABETTING CULPABILITY DISSENTERS INACTIVATES OBSTRUCT SLOWDOWN 

ABNORMAL CULPABLE DISSENTING INACTIVATING OBSTRUCTED SLOWDOWNS 

ABNORMALITIES CULPABLY DISSENTS INACTIVATION OBSTRUCTING SLOWED 

ABNORMALITY CUMBERSOME DISSIDENT INACTIVATIONS OBSTRUCTION SLOWER 

ABNORMALLY CURTAIL DISSIDENTS INACTIVITY OBSTRUCTIONS SLOWEST 

ABOLISH CURTAILED DISSOLUTION INADEQUACIES OFFENCE SLOWING 

ABOLISHED CURTAILING DISSOLUTIONS INADEQUACY OFFENCES SLOWLY 

ABOLISHES CURTAILMENT DISTORT INADEQUATE OFFEND SLOWNESS 
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ABOLISHING CURTAILMENTS DISTORTED INADEQUATELY OFFENDED SLUGGISH 

ABROGATE CURTAILS DISTORTING INADVERTENT OFFENDER SLUGGISHLY 

ABROGATED CUT DISTORTION INADVERTENTLY OFFENDERS SLUGGISHNESS 

ABROGATES CUTBACK DISTORTIONS INADVISABILITY OFFENDING SOLVENCIES 

ABROGATING CUTBACKS DISTORTS INADVISABLE OFFENDS SOLVENCY 

ABROGATION DAMAGE DISTRACT INAPPLICABLE OMISSION STAGGERING 

ABROGATIONS DAMAGED DISTRACTED INAPPROPRIATE OMISSIONS STAGNANT 

ABRUPT DAMAGES DISTRACTING INAPPROPRIATELY OMIT STAGNATE 

ABRUPTLY DAMAGING DISTRACTION INATTENTION OMITS STAGNATED 

ABRUPTNESS DAMPEN DISTRACTIONS INCAPABLE OMITTED STAGNATES 

ABSENCE DAMPENED DISTRACTS INCAPACITATED OMITTING STAGNATING 

ABSENCES DANGER DISTRESS INCAPACITY ONEROUS STAGNATION 

ABSENTEEISM DANGEROUS DISTRESSED INCARCERATE OPPORTUNISTIC STANDSTILL 

ABUSE DANGEROUSLY DISTURB INCARCERATED OPPORTUNISTICALLY STANDSTILLS 

ABUSED DANGERS DISTURBANCE INCARCERATES OPPOSE STOLEN 

ABUSES DEADLOCK DISTURBANCES INCARCERATING OPPOSED STOPPAGE 

ABUSING DEADLOCKED DISTURBED INCARCERATION OPPOSES STOPPAGES 

ABUSIVE DEADLOCKING DISTURBING INCARCERATIONS OPPOSING STOPPED 

ABUSIVELY DEADLOCKS DISTURBS INCIDENCE OPPOSITION STOPPING 

ABUSIVENESS DEADWEIGHT DIVERSION INCIDENCES OPPOSITIONS STOPS 

ACCIDENT DEADWEIGHTS DIVERT INCIDENT OUTAGE STRAIN 

ACCIDENTAL DEBARMENT DIVERTED INCIDENTS OUTAGES STRAINED 

ACCIDENTALLY DEBARMENTS DIVERTING INCOMPATIBILITIES OUTDATED STRAINING 

ACCIDENTS DEBARRED DIVERTS INCOMPATIBILITY OUTMODED STRAINS 

ACCUSATION DECEASED DIVEST INCOMPATIBLE OVERAGE STRESS 

ACCUSATIONS DECEIT DIVESTED INCOMPETENCE OVERAGES STRESSED 

ACCUSE DECEITFUL DIVESTING INCOMPETENCY OVERBUILD STRESSES 
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ACCUSED DECEITFULNESS DIVESTITURE INCOMPETENT OVERBUILDING STRESSFUL 

ACCUSES DECEIVE DIVESTITURES INCOMPETENTLY OVERBUILDS STRESSING 

ACCUSING DECEIVED DIVESTMENT INCOMPETENTS OVERBUILT STRINGENT 

ACQUIESCE DECEIVES DIVESTMENTS INCOMPLETE OVERBURDEN SUBJECTED 

ACQUIESCED DECEIVING DIVESTS INCOMPLETELY OVERBURDENED SUBJECTING 

ACQUIESCES DECEPTION DIVORCE INCOMPLETENESS OVERBURDENING SUBJECTION 

ACQUIESCING DECEPTIONS DIVORCED INCONCLUSIVE OVERCAPACITIES SUBPOENA 

ACQUIT DECEPTIVE DIVULGE INCONSISTENCIES OVERCAPACITY SUBPOENAED 

ACQUITS DECEPTIVELY DIVULGED INCONSISTENCY OVERCHARGE SUBPOENAS 

ACQUITTAL DECLINE DIVULGES INCONSISTENT OVERCHARGED SUBSTANDARD 

ACQUITTALS DECLINED DIVULGING INCONSISTENTLY OVERCHARGES SUE 

ACQUITTED DECLINES DOUBT INCONVENIENCE OVERCHARGING SUED 

ACQUITTING DECLINING DOUBTED INCONVENIENCES OVERCOME SUES 

ADULTERATE DEEPENED DOUBTFUL INCONVENIENT OVERCOMES SUFFER 

ADULTERATED DEEPENING DOUBTS INCORRECT OVERCOMING SUFFERED 

ADULTERATING DEEPENS DOWNGRADE INCORRECTLY OVERDUE SUFFERING 

ADULTERATION DEEPER DOWNGRADED INCORRECTNESS OVERESTIMATE SUFFERS 

ADULTERATIONS DEEPEST DOWNGRADES INDECENCY OVERESTIMATED SUING 

ADVERSARIAL DEFACE DOWNGRADING INDECENT OVERESTIMATES SUMMONED 

ADVERSARIES DEFACED DOWNSIZE INDEFEASIBLE OVERESTIMATING SUMMONING 

ADVERSARY DEFACEMENT DOWNSIZED INDEFEASIBLY OVERESTIMATION SUMMONS 

ADVERSE DEFAMATION DOWNSIZES INDICT OVERESTIMATIONS SUMMONSES 

ADVERSELY DEFAMATIONS DOWNSIZING INDICTABLE OVERLOAD SURRENDER 

ADVERSITIES DEFAMATORY DOWNSIZINGS INDICTED OVERLOADED SURRENDERED 

ADVERSITY DEFAME DOWNTIME INDICTING OVERLOADING SURRENDERING 

AFTERMATH DEFAMED DOWNTIMES INDICTMENT OVERLOADS SURRENDERS 

AFTERMATHS DEFAMES DOWNTURN INDICTMENTS OVERLOOK SUSCEPTIBILITY 
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AGAINST DEFAMING DOWNTURNS INEFFECTIVE OVERLOOKED SUSCEPTIBLE 

AGGRAVATE DEFAULT DOWNWARD INEFFECTIVELY OVERLOOKING SUSPECT 

AGGRAVATED DEFAULTED DOWNWARDS INEFFECTIVENESS OVERLOOKS SUSPECTED 

AGGRAVATES DEFAULTING DRAG INEFFICIENCIES OVERPAID SUSPECTS 

AGGRAVATING DEFAULTS DRASTIC INEFFICIENCY OVERPAYMENT SUSPEND 

AGGRAVATION DEFEAT DRASTICALLY INEFFICIENT OVERPAYMENTS SUSPENDED 

AGGRAVATIONS DEFEATED DRAWBACK INEFFICIENTLY OVERPRODUCED SUSPENDING 

ALERTED DEFEATING DRAWBACKS INELIGIBILITY OVERPRODUCES SUSPENDS 

ALERTING DEFEATS DROPPED INELIGIBLE OVERPRODUCING SUSPENSION 

ALIENATE DEFECT DROUGHT INEQUITABLE OVERPRODUCTION SUSPENSIONS 

ALIENATED DEFECTIVE DROUGHTS INEQUITABLY OVERRUN SUSPICION 

ALIENATES DEFECTS DURESS INEQUITIES OVERRUNNING SUSPICIONS 

ALIENATING DEFEND DYSFUNCTION INEQUITY OVERRUNS SUSPICIOUS 

ALIENATION DEFENDANT DYSFUNCTIONAL INEVITABLE OVERSHADOW SUSPICIOUSLY 

ALIENATIONS DEFENDANTS DYSFUNCTIONS INEXPERIENCE OVERSHADOWED TAINT 

ALLEGATION DEFENDED EASING INEXPERIENCED OVERSHADOWING TAINTED 

ALLEGATIONS DEFENDING EGREGIOUS INFERIOR OVERSHADOWS TAINTING 

ALLEGE DEFENDS EGREGIOUSLY INFLICTED OVERSTATE TAINTS 

ALLEGED DEFENSIVE EMBARGO INFRACTION OVERSTATED TAMPERED 

ALLEGEDLY DEFER EMBARGOED INFRACTIONS OVERSTATEMENT TENSE 

ALLEGES DEFICIENCIES EMBARGOES INFRINGE OVERSTATEMENTS TERMINATE 

ALLEGING DEFICIENCY EMBARGOING INFRINGED OVERSTATES TERMINATED 

ANNOY DEFICIENT EMBARRASS INFRINGEMENT OVERSTATING TERMINATES 

ANNOYANCE DEFICIT EMBARRASSED INFRINGEMENTS OVERSUPPLIED TERMINATING 

ANNOYANCES DEFICITS EMBARRASSES INFRINGES OVERSUPPLIES TERMINATION 

ANNOYED DEFRAUD EMBARRASSING INFRINGING OVERSUPPLY TERMINATIONS 

ANNOYING DEFRAUDED EMBARRASSMENT INHIBITED OVERSUPPLYING TESTIFY 
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ANNOYS DEFRAUDING EMBARRASSMENTS INIMICAL OVERTLY TESTIFYING 

ANNUL DEFRAUDS EMBEZZLE INJUNCTION OVERTURN THREAT 

ANNULLED DEFUNCT EMBEZZLED INJUNCTIONS OVERTURNED THREATEN 

ANNULLING DEGRADATION EMBEZZLEMENT INJURE OVERTURNING THREATENED 

ANNULMENT DEGRADATIONS EMBEZZLEMENTS INJURED OVERTURNS THREATENING 

ANNULMENTS DEGRADE EMBEZZLER INJURES OVERVALUE THREATENS 

ANNULS DEGRADED EMBEZZLES INJURIES OVERVALUED THREATS 

ANOMALIES DEGRADES EMBEZZLING INJURING OVERVALUING TIGHTENING 

ANOMALOUS DEGRADING ENCROACH INJURIOUS PANIC TOLERATE 

ANOMALOUSLY DELAY ENCROACHED INJURY PANICS TOLERATED 

ANOMALY DELAYED ENCROACHES INORDINATE PENALIZE TOLERATES 

ANTICOMPETITIVE DELAYING ENCROACHING INORDINATELY PENALIZED TOLERATING 

ANTITRUST DELAYS ENCROACHMENT INQUIRY PENALIZES TOLERATION 

ARGUE DELETERIOUS ENCROACHMENTS INSECURE PENALIZING TORTUOUS 

ARGUED DELIBERATE ENCUMBER INSENSITIVE PENALTIES TORTUOUSLY 

ARGUING DELIBERATED ENCUMBERED INSOLVENCIES PENALTY TRAGEDIES 

ARGUMENT DELIBERATELY ENCUMBERING INSOLVENCY PERIL TRAGEDY 

ARGUMENTATIVE DELINQUENCIES ENCUMBERS INSOLVENT PERILS TRAGIC 

ARGUMENTS DELINQUENCY ENCUMBRANCE INSTABILITY PERJURY TRAGICALLY 

ARREARAGE DELINQUENT ENCUMBRANCES INSUBORDINATION PERPETRATE TRAUMATIC 

ARREARAGES DELINQUENTLY ENDANGER INSUFFICIENCY PERPETRATED TROUBLE 

ARREARS DELINQUENTS ENDANGERED INSUFFICIENT PERPETRATES TROUBLED 

ARREST DELIST ENDANGERING INSUFFICIENTLY PERPETRATING TROUBLES 

ARRESTED DELISTED ENDANGERMENT INSURRECTION PERPETRATION TURBULENCE 

ARRESTS DELISTING ENDANGERS INSURRECTIONS PERSIST TURMOIL 

ARTIFICIALLY DELISTS ENJOIN INTENTIONAL PERSISTED UNABLE 

ASSAULT DEMISE ENJOINED INTERFERE PERSISTENCE UNACCEPTABLE 
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ASSAULTED DEMISED ENJOINING INTERFERED PERSISTENT UNACCEPTABLY 

ASSAULTING DEMISES ENJOINS INTERFERENCE PERSISTENTLY UNACCOUNTED 

ASSAULTS DEMISING ERODE INTERFERENCES PERSISTING UNANNOUNCED 

ASSERTIONS DEMOLISH ERODED INTERFERES PERSISTS UNANTICIPATED 

ATTRITION DEMOLISHED ERODES INTERFERING PERVASIVE UNAPPROVED 

AVERSELY DEMOLISHES ERODING INTERMITTENT PERVASIVELY UNATTRACTIVE 

BACKDATING DEMOLISHING EROSION INTERMITTENTLY PERVASIVENESS UNAUTHORIZED 

BAD DEMOLITION ERRATIC INTERRUPT PETTY UNAVAILABILITY 

BAIL DEMOLITIONS ERRATICALLY INTERRUPTED PICKET UNAVAILABLE 

BAILOUT DEMOTE ERRED INTERRUPTING PICKETED UNAVOIDABLE 

BALK DEMOTED ERRING INTERRUPTION PICKETING UNAVOIDABLY 

BALKED DEMOTES ERRONEOUS INTERRUPTIONS PLAINTIFF UNAWARE 

BANKRUPT DEMOTING ERRONEOUSLY INTERRUPTS PLAINTIFFS UNCOLLECTABLE 

BANKRUPTCIES DEMOTION ERROR INTIMIDATION PLEA UNCOLLECTED 

BANKRUPTCY DEMOTIONS ERRORS INTRUSION PLEAD UNCOLLECTIBILITY 

BANKRUPTED DENIAL ERRS INVALID PLEADED UNCOLLECTIBLE 

BANKRUPTING DENIALS ESCALATE INVALIDATE PLEADING UNCOLLECTIBLES 

BANKRUPTS DENIED ESCALATED INVALIDATED PLEADINGS UNCOMPETITIVE 

BANS DENIES ESCALATES INVALIDATES PLEADS UNCOMPLETED 

BARRED DENIGRATE ESCALATING INVALIDATING PLEAS UNCONSCIONABLE 

BARRIER DENIGRATED EVADE INVALIDATION PLED UNCONSCIONABLY 

BARRIERS DENIGRATES EVADED INVALIDITY POOR UNCONTROLLABLE 

BOTTLENECK DENIGRATING EVADES INVESTIGATE POORLY UNCONTROLLABLY 

BOTTLENECKS DENIGRATION EVADING INVESTIGATED POSES UNCONTROLLED 

BOYCOTT DENY EVASION INVESTIGATES POSING UNCORRECTED 

BOYCOTTED DENYING EVASIONS INVESTIGATING POSTPONE UNCOVER 

BOYCOTTING DEPLETE EVASIVE INVESTIGATION POSTPONED UNCOVERED 
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BOYCOTTS DEPLETED EVICT INVESTIGATIONS POSTPONEMENT UNCOVERING 

BREACH DEPLETES EVICTED INVOLUNTARILY POSTPONEMENTS UNCOVERS 

BREACHED DEPLETING EVICTING INVOLUNTARY POSTPONES UNDELIVERABLE 

BREACHES DEPLETION EVICTION IRRECONCILABLE POSTPONING UNDELIVERED 

BREACHING DEPLETIONS EVICTIONS IRRECONCILABLY PRECIPITATED UNDERCAPITALIZED 

BREAK DEPRECATION EVICTS IRRECOVERABLE PRECIPITOUS UNDERCUT 

BREAKAGE DEPRESS EXACERBATE IRRECOVERABLY PRECIPITOUSLY UNDERCUTS 

BREAKAGES DEPRESSED EXACERBATED IRREGULAR PRECLUDE UNDERCUTTING 

BREAKDOWN DEPRESSES EXACERBATES IRREGULARITIES PRECLUDED UNDERESTIMATE 

BREAKDOWNS DEPRESSING EXACERBATING IRREGULARITY PRECLUDES UNDERESTIMATED 

BREAKING DEPRIVATION EXACERBATION IRREGULARLY PRECLUDING UNDERESTIMATES 

BREAKS DEPRIVE EXACERBATIONS IRREPARABLE PREDATORY UNDERESTIMATING 

BRIBE DEPRIVED EXAGGERATE IRREPARABLY PREJUDICE UNDERESTIMATION 

BRIBED DEPRIVES EXAGGERATED IRREVERSIBLE PREJUDICED UNDERFUNDED 

BRIBERIES DEPRIVING EXAGGERATES JEOPARDIZE PREJUDICES UNDERINSURED 

BRIBERY DERELICT EXAGGERATING JEOPARDIZED PREJUDICIAL UNDERMINE 

BRIBES DERELICTION EXAGGERATION JUSTIFIABLE PREJUDICING UNDERMINED 

BRIBING DEROGATORY EXCESSIVE KICKBACK PREMATURE UNDERMINES 

BRIDGE DESTABILIZATION EXCESSIVELY KICKBACKS PREMATURELY UNDERMINING 

BROKEN DESTABILIZE EXCULPATE KNOWINGLY PRESSING UNDERPAID 

BURDEN DESTABILIZED EXCULPATED LACK PRETRIAL UNDERPAYMENT 

BURDENED DESTABILIZING EXCULPATES LACKED PREVENTING UNDERPAYMENTS 

BURDENING DESTROY EXCULPATING LACKING PREVENTION UNDERPAYS 

BURDENS DESTROYED EXCULPATION LACKLUSTER PREVENTS UNDERPERFORM 

BURDENSOME DESTROYING EXCULPATIONS LACKS PROBLEM UNDERPERFORMANCE 

BURNED DESTROYS EXCULPATORY LAG PROBLEMATIC UNDERPERFORMED 

CALAMITIES DESTRUCTION EXONERATE LAGGED PROBLEMATICAL UNDERPERFORMING 
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CALAMITOUS DESTRUCTIVE EXONERATED LAGGING PROBLEMS UNDERPRODUCED 

CALAMITY DETAIN EXONERATES LAGS PROLONG UNDERPRODUCTION 

CANCEL DETAINED EXONERATING LAPSE PROLONGATION UNDERREPORTING 

CANCELED DETENTION EXONERATION LAPSED PROLONGATIONS UNDERSTATE 

CANCELING DETENTIONS EXONERATIONS LAPSES PROLONGED UNDERSTATED 

CANCELLATION DETER EXPLOIT LAPSING PROLONGING UNDERSTATEMENT 

CANCELLATIONS DETERIORATE EXPLOITATION LATE PROLONGS UNDERSTATEMENTS 

CANCELLED DETERIORATED EXPLOITATIONS LAUNDERING PRONE UNDERSTATES 

CANCELLING DETERIORATES EXPLOITATIVE LAYOFF PROSECUTE UNDERSTATING 

CANCELS DETERIORATING EXPLOITED LAYOFFS PROSECUTED UNDERUTILIZATION 

CARELESS DETERIORATION EXPLOITING LIE PROSECUTES UNDERUTILIZED 

CARELESSLY DETERIORATIONS EXPLOITS LIMITATION PROSECUTING UNDESIRABLE 

CARELESSNESS DETERRED EXPOSE LIMITATIONS PROSECUTION UNDESIRED 

CASUALTIES DETERRENCE EXPOSED LINGERING PROSECUTIONS UNDETECTED 

CATASTROPHE DETERRENCES EXPOSES LIQUIDATE PROTEST UNDETERMINED 

CATASTROPHES DETERRENT EXPOSING LIQUIDATED PROTESTED UNDISCLOSED 

CATASTROPHIC DETERRENTS EXPROPRIATE LIQUIDATES PROTESTER UNDOCUMENTED 

CATASTROPHICALLY DETERRING EXPROPRIATED LIQUIDATING PROTESTERS UNDUE 

CAUTION DETERS EXPROPRIATES LIQUIDATION PROTESTING UNDULY 

CAUTIONARY DETRACT EXPROPRIATING LIQUIDATIONS PROTESTOR UNECONOMIC 

CAUTIONED DETRACTED EXPROPRIATION LIQUIDATOR PROTESTORS UNECONOMICAL 

CAUTIONING DETRACTING EXPROPRIATIONS LIQUIDATORS PROTESTS UNECONOMICALLY 

CAUTIONS DETRIMENT EXPULSION LITIGANT PROTRACTED UNEMPLOYED 

CEASE DETRIMENTAL EXPULSIONS LITIGANTS PROTRACTION UNEMPLOYMENT 

CEASED DETRIMENTALLY EXTENUATING LITIGATE PROVOKE UNETHICAL 

CEASES DETRIMENTS FAIL LITIGATED PROVOKED UNETHICALLY 

CEASING DEVALUE FAILED LITIGATES PROVOKES UNEXCUSED 
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CENSURE DEVALUED FAILING LITIGATING PROVOKING UNEXPECTED 

CENSURED DEVALUES FAILINGS LITIGATION PUNISHED UNEXPECTEDLY 

CENSURES DEVALUING FAILS LITIGATIONS PUNISHES UNFAIR 

CENSURING DEVASTATE FAILURE LOCKOUT PUNISHING UNFAIRLY 

CHALLENGE DEVASTATED FAILURES LOCKOUTS PUNISHMENT UNFAVORABLE 

CHALLENGED DEVASTATING FALLOUT LOSE PUNISHMENTS UNFAVORABLY 

CHALLENGES DEVASTATION FALSE LOSES PUNITIVE UNFAVOURABLE 

CHALLENGING DEVIATE FALSELY LOSING PURPORT UNFEASIBLE 

CHARGEOFFS DEVIATED FALSIFICATION LOSS PURPORTED UNFIT 

CIRCUMVENT DEVIATES FALSIFICATIONS LOSSES PURPORTEDLY UNFITNESS 

CIRCUMVENTED DEVIATING FALSIFIED LOST PURPORTING UNFORESEEABLE 

CIRCUMVENTING DEVIATION FALSIFIES LYING PURPORTS UNFORESEEN 

CIRCUMVENTION DEVIATIONS FALSIFY MALFEASANCE QUESTION UNFORSEEN 

CIRCUMVENTIONS DEVOLVE FALSIFYING MALFUNCTION QUESTIONABLE UNFORTUNATE 

CIRCUMVENTS DEVOLVED FALSITY MALFUNCTIONED QUESTIONABLY UNFORTUNATELY 

CLAIMING DEVOLVES FATALITIES MALFUNCTIONING QUESTIONED UNFOUNDED 

CLAIMS DEVOLVING FATALITY MALFUNCTIONS QUESTIONING UNFRIENDLY 

CLAWBACK DIFFICULT FATALLY MALICE QUESTIONS UNFULFILLED 

CLOSED DIFFICULTIES FAULT MALICIOUS QUIT UNFUNDED 

CLOSEOUT DIFFICULTLY FAULTED MALICIOUSLY QUITTING UNINSURED 

CLOSEOUTS DIFFICULTY FAULTS MALPRACTICE RACKETEER UNINTENDED 

CLOSING DIMINISH FAULTY MANIPULATE RACKETEERING UNINTENTIONAL 

CLOSINGS DIMINISHED FEAR MANIPULATED RATIONALIZATION UNINTENTIONALLY 

CLOSURE DIMINISHES FEARS MANIPULATES RATIONALIZATIONS UNJUST 

CLOSURES DIMINISHING FELONIES MANIPULATING RATIONALIZE UNJUSTIFIABLE 

COERCE DIMINUTION FELONIOUS MANIPULATION RATIONALIZED UNJUSTIFIABLY 

COERCED DISADVANTAGE FELONY MANIPULATIONS RATIONALIZES UNJUSTIFIED 
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COERCES DISADVANTAGED FICTITIOUS MANIPULATIVE RATIONALIZING UNJUSTLY 

COERCING DISADVANTAGEOUS FINED MARKDOWN REASSESSMENT UNKNOWING 

COERCION DISADVANTAGES FINES MARKDOWNS REASSESSMENTS UNKNOWINGLY 

COERCIVE DISAFFILIATION FIRED MISAPPLICATION REASSIGN UNLAWFUL 

COLLAPSE DISAGREE FIRING MISAPPLICATIONS REASSIGNED UNLAWFULLY 

COLLAPSED DISAGREEABLE FLAW MISAPPLIED REASSIGNING UNLICENSED 

COLLAPSES DISAGREED FLAWED MISAPPLIES REASSIGNMENT UNLIQUIDATED 

COLLAPSING DISAGREEING FLAWS MISAPPLY REASSIGNMENTS UNMARKETABLE 

COLLISION DISAGREEMENT FORBID MISAPPLYING REASSIGNS UNMERCHANTABLE 

COLLISIONS DISAGREEMENTS FORBIDDEN MISAPPROPRIATE RECALL UNNECESSARILY 

COLLUDE DISAGREES FORBIDDING MISAPPROPRIATED RECALLED UNNECESSARY 

COLLUDED DISALLOW FORBIDS MISAPPROPRIATES RECALLING UNNEEDED 

COLLUDES DISALLOWANCE FORCE MISAPPROPRIATING RECALLS UNOBTAINABLE 

COLLUDING DISALLOWANCES FORCED MISAPPROPRIATION RECESSION UNOCCUPIED 

COLLUSION DISALLOWED FORCING MISAPPROPRIATIONS RECESSIONARY UNPAID 

COLLUSIONS DISALLOWING FORECLOSE MISBRANDED RECESSIONS UNPERFORMED 

COLLUSIVE DISALLOWS FORECLOSED MISCALCULATE RECKLESS UNPLANNED 

COMPLAIN DISAPPEAR FORECLOSES MISCALCULATED RECKLESSLY UNPOPULAR 

COMPLAINED DISAPPEARANCE FORECLOSING MISCALCULATES RECKLESSNESS UNPREDICTABILITY 

COMPLAINING DISAPPEARANCES FORECLOSURE MISCALCULATING REDACT UNPREDICTABLE 

COMPLAINS DISAPPEARED FORECLOSURES MISCALCULATION REDACTED UNPREDICTABLY 

COMPLAINT DISAPPEARING FOREGO MISCALCULATIONS REDACTING UNPREDICTED 

COMPLAINTS DISAPPEARS FOREGOES MISCHIEF REDACTION UNPRODUCTIVE 

COMPLICATE DISAPPOINT FOREGOING MISCLASSIFICATION REDACTIONS UNPROFITABILITY 

COMPLICATED DISAPPOINTED FOREGONE MISCLASSIFIED REDRESS UNPROFITABLE 

COMPLICATES DISAPPOINTING FORESTALL MISCONDUCT REDRESSED UNQUALIFIED 

COMPLICATING DISAPPOINTINGLY FORESTALLED MISDATED REDRESSES UNREALISTIC 
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COMPLICATION DISAPPOINTMENT FORESTALLING MISDEMEANOR REDRESSING UNREASONABLE 

COMPLICATIONS DISAPPOINTMENTS FORESTALLS MISDEMEANORS REFINANCE UNREASONABLENESS 

COMPULSION DISAPPOINTS FORFEIT MISDIRECTED REFINANCED UNREASONABLY 

CONCEALED DISAPPROVAL FORFEITED MISHANDLE REFINANCES UNRECOVERABLE 

CONCEALING DISAPPROVALS FORFEITING MISHANDLED REFINANCING UNRECOVERED 

CONCEDE DISAPPROVE FORFEITS MISHANDLES REFINANCINGS UNREIMBURSED 

CONCEDED DISAPPROVED FORFEITURE MISHANDLING REFUSAL UNRELIABLE 

CONCEDES DISAPPROVES FORFEITURES MISINFORM REFUSALS UNREMEDIED 

CONCEDING DISAPPROVING FORGERS MISINFORMATION REFUSE UNREPORTED 

CONCERN DISASSOCIATES FORGERY MISINFORMED REFUSED UNRESOLVED 

CONCERNED DISASSOCIATING FRAUD MISINFORMING REFUSES UNREST 

CONCERNS DISASSOCIATION FRAUDS MISINFORMS REFUSING UNSAFE 

CONCILIATING DISASSOCIATIONS FRAUDULENCE MISINTERPRET REJECT UNSALABLE 

CONCILIATION DISASTER FRAUDULENT MISINTERPRETATION REJECTED UNSALEABLE 

CONCILIATIONS DISASTERS FRAUDULENTLY MISINTERPRETATIONS REJECTING UNSATISFACTORY 

CONDEMN DISASTROUS FRIVOLOUS MISINTERPRETED REJECTION UNSATISFIED 

CONDEMNATION DISASTROUSLY FRIVOLOUSLY MISINTERPRETING REJECTIONS UNSAVORY 

CONDEMNATIONS DISAVOW FRUSTRATE MISINTERPRETS REJECTS UNSCHEDULED 

CONDEMNED DISAVOWAL FRUSTRATED MISJUDGE RELINQUISH UNSOLD 

CONDEMNING DISAVOWED FRUSTRATES MISJUDGED RELINQUISHED UNSOUND 

CONDEMNS DISAVOWING FRUSTRATING MISJUDGES RELINQUISHES UNSTABLE 

CONDONE DISAVOWS FRUSTRATINGLY MISJUDGING RELINQUISHING UNSUBSTANTIATED 

CONDONED DISCIPLINARY FRUSTRATION MISJUDGMENT RELINQUISHMENT UNSUCCESSFUL 

CONFESS DISCLAIM FRUSTRATIONS MISJUDGMENTS RELINQUISHMENTS UNSUCCESSFULLY 

CONFESSED DISCLAIMED FUGITIVE MISLABEL RELUCTANCE UNSUITABILITY 

CONFESSES DISCLAIMER FUGITIVES MISLABELED RELUCTANT UNSUITABLE 

CONFESSING DISCLAIMERS GRATUITOUS MISLABELING RENEGOTIATE UNSUITABLY 
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CONFESSION DISCLAIMING GRATUITOUSLY MISLABELLED RENEGOTIATED UNSUITED 

CONFINE DISCLAIMS GRIEVANCE MISLABELS RENEGOTIATES UNSURE 

CONFINED DISCLOSE GRIEVANCES MISLEAD RENEGOTIATING UNSUSPECTED 

CONFINEMENT DISCLOSED GROSSLY MISLEADING RENEGOTIATION UNSUSPECTING 

CONFINEMENTS DISCLOSES GROUNDLESS MISLEADINGLY RENEGOTIATIONS UNSUSTAINABLE 

CONFINES DISCLOSING GUILTY MISLEADS RENOUNCE UNTENABLE 

CONFINING DISCONTINUANCE HALT MISLED RENOUNCED UNTIMELY 

CONFISCATE DISCONTINUANCES HALTED MISMANAGE RENOUNCEMENT UNTRUTH 

CONFISCATED DISCONTINUATION HAMPER MISMANAGED RENOUNCEMENTS UNTRUTHFUL 

CONFISCATES DISCONTINUATIONS HAMPERED MISMANAGEMENT RENOUNCES UNTRUTHFULLY 

CONFISCATING DISCONTINUE HAMPERING MISMANAGES RENOUNCING UNTRUTHFULNESS 

CONFISCATION DISCONTINUED HAMPERS MISMANAGING REPARATION UNTRUTHS 

CONFISCATIONS DISCONTINUES HARASS MISMATCH REPARATIONS UNUSABLE 

CONFLICT DISCONTINUING HARASSED MISMATCHED REPOSSESSED UNWANTED 

CONFLICTED DISCOURAGE HARASSING MISMATCHES REPOSSESSES UNWARRANTED 

CONFLICTING DISCOURAGED HARASSMENT MISMATCHING REPOSSESSING UNWELCOME 

CONFLICTS DISCOURAGES HARDSHIP MISPLACED REPOSSESSION UNWILLING 

CONFRONT DISCOURAGING HARDSHIPS MISREPRESENT REPOSSESSIONS UNWILLINGNESS 

CONFRONTATION DISCREDIT HARM MISREPRESENTATION REPUDIATE UPSET 

CONFRONTATIONAL DISCREDITED HARMED MISREPRESENTATIONS REPUDIATED URGENCY 

CONFRONTATIONS DISCREDITING HARMFUL MISREPRESENTED REPUDIATES URGENT 

CONFRONTED DISCREDITS HARMFULLY MISREPRESENTING REPUDIATING USURIOUS 

CONFRONTING DISCREPANCIES HARMING MISREPRESENTS REPUDIATION USURP 

CONFRONTS DISCREPANCY HARMS MISS REPUDIATIONS USURPED 

CONFUSE DISFAVOR HARSH MISSED RESIGN USURPING 

CONFUSED DISFAVORED HARSHER MISSES RESIGNATION USURPS 

CONFUSES DISFAVORING HARSHEST MISSTATE RESIGNATIONS USURY 
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CONFUSING DISFAVORS HARSHLY MISSTATED RESIGNED VANDALISM 

CONFUSINGLY DISGORGE HARSHNESS MISSTATEMENT RESIGNING VERDICT 

CONFUSION DISGORGED HAZARD MISSTATEMENTS RESIGNS VERDICTS 

CONSPIRACIES DISGORGEMENT HAZARDOUS MISSTATES RESTATE VETOED 

CONSPIRACY DISGORGEMENTS HAZARDS MISSTATING RESTATED VICTIMS 

CONSPIRATOR DISGORGES HINDER MISSTEP RESTATEMENT VIOLATE 

CONSPIRATORIAL DISGORGING HINDERED MISSTEPS RESTATEMENTS VIOLATED 

CONSPIRATORS DISGRACE HINDERING MISTAKE RESTATES VIOLATES 

CONSPIRE DISGRACEFUL HINDERS MISTAKEN RESTATING VIOLATING 

CONSPIRED DISGRACEFULLY HINDRANCE MISTAKENLY RESTRUCTURE VIOLATION 

CONSPIRES DISHONEST HINDRANCES MISTAKES RESTRUCTURED VIOLATIONS 

CONSPIRING DISHONESTLY HOSTILE MISTAKING RESTRUCTURES VIOLATIVE 

CONSTRUE DISHONESTY HOSTILITY MISTRIAL RESTRUCTURING VIOLATOR 

CONSTRUED DISHONOR HURT MISTRIALS RESTRUCTURINGS VIOLATORS 

CONSTRUES DISHONORABLE HURTING MISUNDERSTAND RETALIATE VIOLENCE 

CONSTRUING DISHONORABLY IDLE MISUNDERSTANDING RETALIATED VIOLENT 

CONTEMPT DISHONORED IDLED MISUNDERSTANDINGS RETALIATES VIOLENTLY 

CONTEND DISHONORING IDLING MISUNDERSTOOD RETALIATING VITIATE 

CONTENDED DISHONORS IGNORE MISUSE RETALIATION VITIATED 

CONTENDING DISINCENTIVES IGNORED MISUSED RETALIATIONS VITIATES 

CONTENDS DISINTERESTED IGNORES MISUSES RETALIATORY VITIATING 

CONTENTION DISINTERESTEDLY IGNORING MISUSING RETRIBUTION VITIATION 

CONTENTIONS DISINTERESTEDNESS ILL MONOPOLISTIC RETRIBUTIONS VOIDED 

CONTENTIOUS DISLOYAL ILLEGAL MONOPOLISTS REVOCATION VOIDING 

CONTENTIOUSLY DISLOYALLY ILLEGALITIES MONOPOLIZATION REVOCATIONS VOLATILE 

CONTESTED DISLOYALTY ILLEGALITY MONOPOLIZE REVOKE VOLATILITY 

CONTESTING DISMAL ILLEGALLY MONOPOLIZED REVOKED VULNERABILITIES 
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CONTRACTION DISMALLY ILLEGIBLE MONOPOLIZES REVOKES VULNERABILITY 

CONTRACTIONS DISMISS ILLICIT MONOPOLIZING REVOKING VULNERABLE 

CONTRADICT DISMISSAL ILLICITLY MONOPOLY RIDICULE VULNERABLY 

CONTRADICTED DISMISSALS ILLIQUID MORATORIA RIDICULED WARN 

CONTRADICTING DISMISSED ILLIQUIDITY MORATORIUM RIDICULES WARNED 

CONTRADICTION DISMISSES IMBALANCE MORATORIUMS RIDICULING WARNING 

CONTRADICTIONS DISMISSING IMBALANCES MOTHBALLED RISKIER WARNINGS 

CONTRADICTORY DISORDERLY IMMATURE MOTHBALLING RISKIEST WARNS 

CONTRADICTS DISPARAGE IMMORAL NEGATIVE RISKY WASTED 

CONTRARY DISPARAGED IMPAIR NEGATIVELY SABOTAGE WASTEFUL 

CONTROVERSIAL DISPARAGEMENT IMPAIRED NEGATIVES SACRIFICE WASTING 

CONTROVERSIES DISPARAGEMENTS IMPAIRING NEGLECT SACRIFICED WEAK 

CONTROVERSY DISPARAGES IMPAIRMENT NEGLECTED SACRIFICES WEAKEN 

CONVICT DISPARAGING IMPAIRMENTS NEGLECTFUL SACRIFICIAL WEAKENED 

CONVICTED DISPARAGINGLY IMPAIRS NEGLECTING SACRIFICING WEAKENING 

CONVICTING DISPARITIES IMPASSE NEGLECTS SCANDALOUS WEAKENS 

CONVICTION DISPARITY IMPASSES NEGLIGENCE SCANDALS WEAKER 

CONVICTIONS DISPLACE IMPEDE NEGLIGENCES SCRUTINIZE WEAKEST 

CORRECTED DISPLACED IMPEDED NEGLIGENT SCRUTINIZED WEAKLY 

CORRECTING DISPLACEMENT IMPEDES NEGLIGENTLY SCRUTINIZES WEAKNESS 

CORRECTION DISPLACEMENTS IMPEDIMENT NONATTAINMENT SCRUTINIZING WEAKNESSES 

CORRECTIONS DISPLACES IMPEDIMENTS NONCOMPETITIVE SCRUTINY WILLFULLY 

CORRECTS DISPLACING IMPEDING NONCOMPLIANCE SECRECY WORRIES 

CORRUPT DISPOSE IMPENDING NONCOMPLIANCES SEIZE WORRY 

CORRUPTED DISPOSSESS IMPERATIVE NONCOMPLIANT SEIZED WORRYING 

CORRUPTING DISPOSSESSED IMPERFECTION NONCOMPLYING SEIZES WORSE 

CORRUPTION DISPOSSESSES IMPERFECTIONS NONCONFORMING SEIZING WORSEN 
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CORRUPTIONS DISPOSSESSING IMPERIL NONCONFORMITIES SENTENCED WORSENED 

CORRUPTLY DISPROPORTION IMPERMISSIBLE NONCONFORMITY SENTENCING WORSENING 

CORRUPTNESS DISPROPORTIONAL IMPLICATE NONDISCLOSURE SERIOUS WORSENS 

COSTLY DISPROPORTIONATE IMPLICATED NONFUNCTIONAL SERIOUSLY WORST 

COUNTERCLAIM DISPROPORTIONATELY IMPLICATES NONPAYMENT SERIOUSNESS WORTHLESS 

COUNTERCLAIMED DISPUTE IMPLICATING NONPAYMENTS SETBACK WRITEDOWN 

COUNTERCLAIMING DISPUTED IMPOSSIBILITY NONPERFORMANCE SETBACKS WRITEDOWNS 

COUNTERCLAIMS DISPUTES IMPOSSIBLE NONPERFORMANCES SEVER WRITEOFF 

COUNTERFEIT DISPUTING IMPOUND NONPERFORMING SEVERE WRITEOFFS 

COUNTERFEITED DISQUALIFICATION IMPOUNDED NONPRODUCING SEVERED WRONG 

COUNTERFEITER DISQUALIFICATIONS IMPOUNDING NONPRODUCTIVE SEVERELY WRONGDOING 

COUNTERFEITERS DISQUALIFIED IMPOUNDS NONRECOVERABLE SEVERITIES WRONGDOINGS 

COUNTERFEITING DISQUALIFIES IMPRACTICABLE NONRENEWAL SEVERITY WRONGFUL 

COUNTERFEITS DISQUALIFY IMPRACTICAL NUISANCE SHARPLY WRONGFULLY 

COUNTERMEASURE DISQUALIFYING IMPRACTICALITIES NUISANCES SHOCKED WRONGLY 

COUNTERMEASURES DISREGARD IMPRACTICALITY NULLIFICATION SHORTAGE  

CRIME DISREGARDED IMPRISONMENT NULLIFICATIONS SHORTAGES 

CRIMES DISREGARDING IMPROPER NULLIFIED SHORTFALL 
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Positive Words 

ABLE CHARITABLE ENABLES HONOR PERFECTED SMOOTHLY 

ABUNDANCE COLLABORATE ENABLING HONORABLE PERFECTLY SMOOTHS 

ABUNDANT COLLABORATED ENCOURAGED HONORED PERFECTS SOLVES 

ACCLAIMED COLLABORATES ENCOURAGEMENT HONORING PLEASANT SOLVING 

ACCOMPLISH COLLABORATING ENCOURAGES HONORS PLEASANTLY SPECTACULAR 

ACCOMPLISHED COLLABORATION ENCOURAGING IDEAL PLEASED SPECTACULARLY 

ACCOMPLISHES COLLABORATIONS ENHANCE IMPRESS PLEASURE STABILITY 

ACCOMPLISHING COLLABORATIVE ENHANCED IMPRESSED PLENTIFUL STABILIZATION 

ACCOMPLISHMENT COLLABORATOR ENHANCEMENT IMPRESSES POPULAR STABILIZATIONS 

ACCOMPLISHMENTS COLLABORATORS ENHANCEMENTS IMPRESSING POPULARITY STABILIZE 

ACHIEVE COMPLIMENT ENHANCES IMPRESSIVE POSITIVE STABILIZED 

ACHIEVED COMPLIMENTARY ENHANCING IMPRESSIVELY POSITIVELY STABILIZES 

ACHIEVEMENT COMPLIMENTED ENJOY IMPROVE PREEMINENCE STABILIZING 

ACHIEVEMENTS COMPLIMENTING ENJOYABLE IMPROVED PREEMINENT STABLE 

ACHIEVES COMPLIMENTS ENJOYABLY IMPROVEMENT PREMIER STRENGTH 

ACHIEVING CONCLUSIVE ENJOYED IMPROVEMENTS PREMIERE STRENGTHEN 

ADEQUATELY CONCLUSIVELY ENJOYING IMPROVES PRESTIGE STRENGTHENED 

ADVANCEMENT CONDUCIVE ENJOYMENT IMPROVING PRESTIGIOUS STRENGTHENING 

ADVANCEMENTS CONFIDENT ENJOYS INCREDIBLE PROACTIVE STRENGTHENS 

ADVANCES CONSTRUCTIVE ENTHUSIASM INCREDIBLY PROACTIVELY STRENGTHS 

ADVANCING CONSTRUCTIVELY ENTHUSIASTIC INFLUENTIAL PROFICIENCY STRONG 

ADVANTAGE COURTEOUS ENTHUSIASTICALLY INFORMATIVE PROFICIENT STRONGER 

ADVANTAGED CREATIVE EXCELLENCE INGENUITY PROFICIENTLY STRONGEST 

ADVANTAGEOUS CREATIVELY EXCELLENT INNOVATE PROFITABILITY SUCCEED 

ADVANTAGEOUSLY CREATIVENESS EXCELLING INNOVATED PROFITABLE SUCCEEDED 
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ADVANTAGES CREATIVITY EXCELS INNOVATES PROFITABLY SUCCEEDING 

ALLIANCE DELIGHT EXCEPTIONAL INNOVATING PROGRESS SUCCEEDS 

ALLIANCES DELIGHTED EXCEPTIONALLY INNOVATION PROGRESSED SUCCESS 

ASSURE DELIGHTFUL EXCITED INNOVATIONS PROGRESSES SUCCESSES 

ASSURED DELIGHTFULLY EXCITEMENT INNOVATIVE PROGRESSING SUCCESSFUL 

ASSURES DELIGHTING EXCITING INNOVATIVENESS PROSPERED SUCCESSFULLY 

ASSURING DELIGHTS EXCLUSIVE INNOVATOR PROSPERING SUPERIOR 

ATTAIN DEPENDABILITY EXCLUSIVELY INNOVATORS PROSPERITY SURPASS 

ATTAINED DEPENDABLE EXCLUSIVENESS INSIGHTFUL PROSPEROUS SURPASSED 

ATTAINING DESIRABLE EXCLUSIVES INSPIRATION PROSPERS SURPASSES 

ATTAINMENT DESIRED EXCLUSIVITY INSPIRATIONAL REBOUND SURPASSING 

ATTAINMENTS DESPITE EXEMPLARY INTEGRITY REBOUNDED TRANSPARENCY 

ATTAINS DESTINED FANTASTIC INVENT REBOUNDING TREMENDOUS 

ATTRACTIVE DILIGENT FAVORABLE INVENTED RECEPTIVE TREMENDOUSLY 

ATTRACTIVENESS DILIGENTLY FAVORABLY INVENTING REGAIN UNMATCHED 

BEAUTIFUL DISTINCTION FAVORED INVENTION REGAINED UNPARALLELED 

BEAUTIFULLY DISTINCTIONS FAVORING INVENTIONS REGAINING UNSURPASSED 

BENEFICIAL DISTINCTIVE FAVORITE INVENTIVE RESOLVE UPTURN 

BENEFICIALLY DISTINCTIVELY FAVORITES INVENTIVENESS REVOLUTIONIZE UPTURNS 

BENEFIT DISTINCTIVENESS FRIENDLY INVENTOR REVOLUTIONIZED VALUABLE 

BENEFITED DREAM GAIN INVENTORS REVOLUTIONIZES VERSATILE 

BENEFITING EASIER GAINED LEADERSHIP REVOLUTIONIZING VERSATILITY 

BENEFITTED EASILY GAINING LEADING REWARD VIBRANCY 

BENEFITTING EASY GAINS LOYAL REWARDED VIBRANT 

BETTER EFFECTIVE GOOD LUCRATIVE REWARDING WIN 

BOLSTERED EFFICIENCIES GREAT MERITORIOUS REWARDS WINNER 

BOLSTERING EFFICIENCY GREATER OPPORTUNITIES SATISFACTION WINNERS 
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BOLSTERS EFFICIENT GREATEST OPPORTUNITY SATISFACTORILY WINNING 

BOOM EFFICIENTLY GREATLY OPTIMISTIC SATISFACTORY WORTHY 

BOOMING EMPOWER GREATNESS OUTPERFORM SATISFIED  

BOOST EMPOWERED HAPPIEST OUTPERFORMED SATISFIES 

BOOSTED EMPOWERING HAPPILY OUTPERFORMING SATISFY 

BREAKTHROUGH EMPOWERS HAPPINESS OUTPERFORMS SATISFYING 

BREAKTHROUGHS ENABLE HAPPY OUTSTANDING SMOOTH 

BRILLIANT ENABLED HIGHEST PERFECT SMOOTHING 
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Uncertainty Words 

ABEYANCE CONCEIVABLE IMPRECISE PRESUMES RISKS UNFORECASTED 

ABEYANCES CONCEIVABLY IMPRECISION PRESUMING RISKY UNFORSEEN 

ALMOST CONDITIONAL IMPRECISIONS PRESUMPTION ROUGHLY UNGUARANTEED 

ALTERATION CONDITIONALLY IMPROBABILITY PRESUMPTIONS RUMORS UNHEDGED 

ALTERATIONS CONFUSES IMPROBABLE PROBABILISTIC SEEMS UNIDENTIFIABLE 

AMBIGUITIES CONFUSING INCOMPLETENESS PROBABILITIES SELDOM UNIDENTIFIED 

AMBIGUITY CONFUSINGLY INDEFINITE PROBABILITY SELDOMLY UNKNOWN 

AMBIGUOUS CONFUSION INDEFINITELY PROBABLE SOMETIME UNKNOWNS 

ANOMALIES CONTINGENCIES INDEFINITENESS PROBABLY SOMETIMES UNOBSERVABLE 

ANOMALOUS CONTINGENCY INDETERMINABLE RANDOM SOMEWHAT UNPLANNED 

ANOMALOUSLY CONTINGENT INDETERMINATE RANDOMIZE SOMEWHERE UNPREDICTABILITY 

ANOMALY CONTINGENTLY INEXACT RANDOMIZED SPECULATE UNPREDICTABLE 

ANTICIPATE CONTINGENTS INEXACTNESS RANDOMIZES SPECULATED UNPREDICTABLY 

ANTICIPATED COULD INSTABILITIES RANDOMIZING SPECULATES UNPREDICTED 

ANTICIPATES CROSSROAD INSTABILITY RANDOMLY SPECULATING UNPROVED 

ANTICIPATING CROSSROADS INTANGIBLE RANDOMNESS SPECULATION UNPROVEN 

ANTICIPATION DEPEND INTANGIBLES REASSESS SPECULATIONS UNQUANTIFIABLE 

ANTICIPATIONS DEPENDED LIKELIHOOD REASSESSED SPECULATIVE UNQUANTIFIED 

APPARENT DEPENDENCE MAY REASSESSES SPECULATIVELY UNRECONCILED 

APPARENTLY DEPENDENCIES MAYBE REASSESSING SPORADIC UNSEASONABLE 

APPEAR DEPENDENCY MIGHT REASSESSMENT SPORADICALLY UNSEASONABLY 

APPEARED DEPENDENT NEARLY REASSESSMENTS SUDDEN UNSETTLED 

APPEARING DEPENDING NONASSESSABLE RECALCULATE SUDDENLY UNSPECIFIC 

APPEARS DEPENDS OCCASIONALLY RECALCULATED SUGGEST UNSPECIFIED 

APPROXIMATE DESTABILIZING ORDINARILY RECALCULATES SUGGESTED UNTESTED 
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APPROXIMATED DEVIATE PENDING RECALCULATING SUGGESTING UNUSUAL 

APPROXIMATELY DEVIATED PERHAPS RECALCULATION SUGGESTS UNUSUALLY 

APPROXIMATES DEVIATES POSSIBILITIES RECALCULATIONS SUSCEPTIBILITY UNWRITTEN 

APPROXIMATING DEVIATING POSSIBILITY RECONSIDER TENDING VAGARIES 

APPROXIMATION DEVIATION POSSIBLE RECONSIDERED TENTATIVE VARIABILITY 

APPROXIMATIONS DEVIATIONS POSSIBLY RECONSIDERING TENTATIVELY VARIABLE 

ARBITRARILY DIFFER PRECAUTION RECONSIDERS TURBULENCE VARIABLES 

ARBITRARINESS DIFFERED PRECAUTIONARY REEXAMINATION UNCERTAIN VARIABLY 

ARBITRARY DIFFERING PRECAUTIONS REEXAMINE UNCERTAINLY VARIANCE 

ASSUME DIFFERS PREDICT REEXAMINING UNCERTAINTIES VARIANCES 

ASSUMED DOUBT PREDICTABILITY REINTERPRET UNCERTAINTY VARIANT 

ASSUMES DOUBTED PREDICTED REINTERPRETATION UNCLEAR VARIANTS 

ASSUMING DOUBTFUL PREDICTING REINTERPRETATIONS UNCONFIRMED VARIATION 

ASSUMPTION DOUBTS PREDICTION REINTERPRETED UNDECIDED VARIATIONS 

ASSUMPTIONS EXPOSURE PREDICTIONS REINTERPRETING UNDEFINED VARIED 

BELIEVE EXPOSURES PREDICTIVE REINTERPRETS UNDESIGNATED VARIES 

BELIEVED FLUCTUATE PREDICTOR REVISE UNDETECTABLE VARY 

BELIEVES FLUCTUATED PREDICTORS REVISED UNDETERMINABLE VARYING 

BELIEVING FLUCTUATES PREDICTS RISK UNDETERMINED VOLATILE 

CAUTIOUS FLUCTUATING PRELIMINARILY RISKED UNDOCUMENTED VOLATILITIES 

CAUTIOUSLY FLUCTUATION PRELIMINARY RISKIER UNEXPECTED VOLATILITY 

CAUTIOUSNESS FLUCTUATIONS PRESUMABLY RISKIEST UNEXPECTEDLY  

CLARIFICATION HIDDEN PRESUME RISKINESS UNFAMILIAR 

CLARIFICATIONS HINGES PRESUMED RISKING UNFAMILIARITY 
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Litigious Words 

ABOVEMENTIONED CODICIL ESCHEATED JUROR PETITIONERS REVOCATION 

ABROGATE CODICILS ESCHEATMENT JURORS PETITIONING REVOCATIONS 

ABROGATED CODIFICATION ESCROWING JURY PETITIONS RULING 

ABROGATES CODIFICATIONS ESTOPPEL JURYMAN PLAINTIFF RULINGS 

ABROGATING CODIFIED EVIDENTIAL JUSTICE PLAINTIFFS SENTENCED 

ABROGATION CODIFIES EVIDENTIARY JUSTICES PLEADING SENTENCING 

ABROGATIONS CODIFY EXCEEDANCE LAW PLEADINGS SEQUESTRATOR 

ABSOLVE CODIFYING EXCEEDANCES LAWFUL PLEADS SETTLEMENT 

ABSOLVED COLLUSION EXCEEDENCES LAWFULLY PLEAS SETTLEMENTS 

ABSOLVES COMPENSATORY EXCISED LAWFULNESS PLEDGEE SEVERABILITY 

ABSOLVING COMPLAINANT EXCULPATE LAWMAKERS PLEDGEES SEVERABLE 

ACCESSION COMPLAINANTS EXCULPATED LAWMAKING PLEDGOR SEVERALLY 

ACCESSIONS CONDEMNOR EXCULPATES LAWS POSSESSORY SEVERANCE 

ACQUIREES CONFISCATORY EXCULPATING LAWSUIT POSTCLOSING SEVERANCES 

ACQUIRORS CONSENT EXCULPATION LAWSUITS POSTCLOSURE SHALL 

ACQUIT CONSENTED EXCULPATIONS LAWYER POSTCONTRACT STATUTE 

ACQUITS CONSENTING EXCULPATORY LAWYERS POSTJUDGMENT STATUTES 

ACQUITTAL CONSENTS EXECUTOR LEGAL PREAMENDMENT STATUTORILY 

ACQUITTALS CONSERVATORSHIPS EXECUTORS LEGALESE PREDECEASE STATUTORY 

ACQUITTANCE CONSTITUTION EXECUTORY LEGALITY PREDECEASED SUBCLAUSE 

ACQUITTANCES CONSTITUTIONAL EXECUTRICES LEGALIZATION PREDECEASES SUBCLAUSES 

ACQUITTED CONSTITUTIONALITY EXECUTRIX LEGALIZATIONS PREDECEASING SUBLEASEE 

ACQUITTING CONSTITUTIONALLY EXECUTRIXES LEGALIZE PREHEARING SUBLEASEHOLD 

ADDENDUMS CONSTITUTIONS EXTRACONTRACTUAL LEGALIZED PREJUDICE SUBLESSORS 

ADJOURN CONSTITUTIVE EXTRACORPOREAL LEGALIZES PREJUDICED SUBLICENSEE 
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ADJOURNED CONTESTATION FACIE LEGALIZING PREJUDICES SUBLICENSOR 

ADJOURNING CONTRACT FACTO LEGALLY PREJUDICIAL SUBPARAGRAPH 

ADJOURNMENT CONTRACTED FELONIES LEGALS PREJUDICING SUBPARAGRAPHS 

ADJOURNMENTS CONTRACTHOLDER FELONIOUS LEGATEE PREPETITION SUBPOENA 

ADJOURNS CONTRACTHOLDERS FELONY LEGATEES PRESUMPTIVELY SUBPOENAED 

ADJUDGE CONTRACTIBLE FIDE LEGISLATE PRETRIAL SUBPOENAS 

ADJUDGED CONTRACTILE FORBADE LEGISLATED PRIMA SUBROGATED 

ADJUDGES CONTRACTING FORBEAR LEGISLATES PRIVITY SUBROGATION 

ADJUDGING CONTRACTS FORBEARANCE LEGISLATING PROBATE SUBTRUST 

ADJUDICATE CONTRACTUAL FORBEARANCES LEGISLATION PROBATED SUBTRUSTS 

ADJUDICATED CONTRACTUALLY FORBEARING LEGISLATIONS PROBATES SUE 

ADJUDICATES CONTRAVENE FORBEARS LEGISLATIVE PROBATING SUED 

ADJUDICATING CONTRAVENED FOREBEAR LEGISLATIVELY PROBATION SUES 

ADJUDICATION CONTRAVENES FOREBEARANCE LEGISLATOR PROBATIONAL SUING 

ADJUDICATIONS CONTRAVENING FOREBEARS LEGISLATORS PROBATIONARY SUMMONED 

ADJUDICATIVE CONTRAVENTION FORFEITABILITY LEGISLATURE PROBATIONER SUMMONING 

ADJUDICATOR CONTRAVENTIONS FORFEITABLE LEGISLATURES PROBATIONERS SUMMONS 

ADJUDICATORS CONTROVERT FORTHWITH LIBEL PROBATIONS SUMMONSES 

ADJUDICATORY CONTROVERTED FUGITIVE LIBELED PROMULGATE SUPERSEDE 

ADMISSIBILITY CONTROVERTING FUGITIVES LIBELOUS PROMULGATED SUPERSEDEAS 

ADMISSIBLE CONVEYANCE FURTHERANCE LIBELS PROMULGATES SUPERSEDED 

ADMISSIBLY CONVEYANCES GRANTOR LICENSABLE PROMULGATING SUPERSEDES 

ADMISSION CONVICT GRANTORS LIENHOLDERS PROMULGATION SUPERSEDING 

ADMISSIONS CONVICTED HENCEFORTH LITIGANT PROMULGATIONS SURETIES 

AFFIDAVIT CONVICTING HENCEFORWARD LITIGANTS PROMULGATOR SURETY 

AFFIDAVITS CONVICTION HEREAFTER LITIGATE PROMULGATORS TENANTABILITY 

AFFIRMANCE CONVICTIONS HEREBY LITIGATED PRORATA TERMINABLE 
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AFOREDESCRIBED COTERMINOUS HEREDITAMENTS LITIGATES PRORATION TERMINUS 

AFOREMENTIONED COUNSEL HEREFOR LITIGATING PROSECUTE TESTAMENTARY 

AFORESAID COUNSELED HEREFROM LITIGATION PROSECUTED TESTIFY 

AFORESTATED COUNSELLED HEREIN LITIGATIONS PROSECUTES TESTIFYING 

AGGRIEVED COUNSELS HEREINABOVE LITIGATOR PROSECUTING TESTIMONY 

ALLEGATION COUNTERSIGNOR HEREINAFTER LITIGATORS PROSECUTION THENCE 

ALLEGATIONS COUNTERSUED HEREINBEFORE LITIGIOUS PROSECUTIONS THENCEFORTH 

ALLEGE COUNTERSUIT HEREINBELOW LITIGIOUSNESS PROSECUTOR THENCEFORWARD 

ALLEGED COURT HEREOF MAJEURE PROSECUTORIAL THEREAFTER 

ALLEGEDLY COURTROOM HEREON MANDAMUS PROSECUTORS THEREAT 

ALLEGES COURTS HERETO MEDIATE PROVISO THEREFROM 

ALLEGING CRIME HERETOFORE MEDIATED PROVISOES THEREIN 

AMEND CRIMES HEREUNDER MEDIATES PROVISOS THEREINAFTER 

AMENDABLE CRIMINAL HEREUNTO MEDIATING PUNISHABLE THEREOF 

AMENDATORY CRIMINALITY HEREUPON MEDIATION QUITCLAIM THEREON 

AMENDED CRIMINALLY HEREWITH MEDIATIONS QUITCLAIMS THEREOVER 

AMENDING CRIMINALS IMMATERIALITY MEDIATOR RATA THERETO 

AMENDMENT CROSSCLAIM IMPLEADED MEDIATORS RATABLE THERETOFOR 

AMENDMENTS CROSSCLAIMS INASMUCH MISDEMEANOR RATABLY THERETOFORE 

AMENDS DECEDENT INCAPACITY MISFEASANCE REARGUMENT THEREUNDER 

ANTECEDENT DECEDENTS INCARCERATE MISTRIAL REBUT THEREUNTO 

ANTECEDENTS DECLARANT INCARCERATED MISTRIALS REBUTS THEREUPON 

ANTITRUST DECREE INCARCERATES MOREOVER REBUTTABLE THEREWITH 

ANYWISE DECREED INCARCERATING MOTIONS REBUTTABLY TORT 

APPEAL DECREEING INCARCERATION MUTANDIS REBUTTAL TORTIOUS 

APPEALABLE DECREES INCARCERATIONS NOLO REBUTTALS TORTIOUSLY 

APPEALED DEFALCATION INCHOATE NONAPPEALABLE REBUTTED TORTS 
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APPEALING DEFALCATIONS INCONTESTABILITY NONBREACHING REBUTTING TRANSFEROR 

APPEALS DEFEASANCE INCONTESTABLE NONCONTINGENT RECORDATION UNAPPEALABLE 

APPELLANT DEFEASANCES INDEMNIFIABLE NONCONTRACTUAL RECOUPABLE UNAPPEALED 

APPELLANTS DEFEASE INDEMNIFICATION NONCONTRIBUTORY RECOUPMENT UNCONSTITUTIONAL 

APPELLATE DEFEASED INDEMNIFICATIONS NONFEASANCE RECOUPMENTS UNCONSTITUTIONALITY 

APPELLEES DEFEASING INDEMNIFIED NONFIDUCIARY RECOURSE UNCONSTITUTIONALLY 

APPOINTOR DEFECTIVELY INDEMNIFIES NONFORFEITABILITY RECOURSES UNCONTRACTED 

APPURTENANCE DEFENDANT INDEMNIFY NONFORFEITABLE RECTIFICATION UNDISCHARGED 

APPURTENANCES DEFENDANTS INDEMNIFYING NONFORFEITURE RECTIFICATIONS UNENCUMBERED 

APPURTENANT DEFERENCE INDEMNITEE NONGUARANTOR RECUSAL UNENFORCEABILITY 

ARBITRABILITY DELEGABLE INDEMNITEES NONINFRINGEMENT RECUSE UNENFORCEABLE 

ARBITRAL DELEGATABLE INDEMNITIES NONINFRINGING RECUSED UNLAWFUL 

ARBITRATE DELEGATEE INDEMNITOR NONJUDICIAL RECUSING UNLAWFULLY 

ARBITRATED DELEGEES INDEMNITORS NONJUDICIALLY REDACT UNLAWFULNESS 

ARBITRATES DEMURRED INDEMNITY NONJURISDICTIONAL REDACTED UNREMEDIATED 

ARBITRATING DEMURRER INDICT NONSEVERABLE REDACTING UNSTAYED 

ARBITRATION DEMURRERS INDICTABLE NONTERMINABLE REDACTION UNTO 

ARBITRATIONAL DEMURRING INDICTED NONUSURIOUS REDACTIONS USURIOUS 

ARBITRATIONS DEMURS INDICTING NOTARIAL REFERENDA USURP 

ARBITRATIVE DEPOSE INDICTMENT NOTARIES REFERENDUM USURPATION 

ARBITRATOR DEPOSED INDICTMENTS NOTARIZATION REFERENDUMS USURPED 

ARBITRATORS DEPOSES INDORSEES NOTARIZATIONS REFILE USURPING 

ARREARAGE DEPOSING INFORCE NOTARIZE REFILED USURPS 

ARREARAGES DEPOSITION INFRACTION NOTARIZED REFILES USURY 

ASCENDANCY DEPOSITIONAL INFRACTIONS NOTARIZING REFILING VENDEE 

ASCENDANT DEPOSITIONS INFRINGER NOTARY REGULATE VENDEES 

ASCENDANTS DEROGATE INJUNCTION NOTWITHSTANDING REGULATED VERDICT 
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ASSERTABLE DEROGATED INJUNCTIONS NOVO REGULATES VERDICTS 

ASSIGNATION DEROGATES INJUNCTIVE NULLIFICATION REGULATING VIATICAL 

ASSIGNATIONS DEROGATING INSOFAR NULLIFICATIONS REGULATION VIOLATIVE 

ASSUMABLE DEROGATION INTERLOCUTORY NULLIFIED REGULATIONS VOIDABLE 

ATTEST DEROGATIONS INTERPLEADER NULLIFIES REGULATIVE VOIDED 

ATTESTATION DESIGNATOR INTERPOSE NULLIFY REGULATOR VOIDING 

ATTESTATIONS DESIST INTERPOSED NULLIFYING REGULATORS WARRANTEES 

ATTESTED DETAINER INTERPOSES NULLITIES REGULATORY WARRANTOR 

ATTESTING DEVISEES INTERPOSING NULLITY REHEAR WHATEVER 

ATTORN DISAFFILIATION INTERPOSITION OBLIGEE REHEARD WHATSOEVER 

ATTORNEY DISAFFIRM INTERPOSITIONS OBLIGEES REHEARING WHENSOEVER 

ATTORNEYS DISAFFIRMANCE INTERROGATE OBLIGOR REHEARINGS WHEREABOUTS 

ATTORNMENT DISAFFIRMED INTERROGATED OBLIGORS RELEASEES WHEREAS 

ATTORNS DISAFFIRMS INTERROGATES OFFENSE REMAND WHEREAT 

BAIL DISPOSITIVE INTERROGATING OFFEREE REMANDED WHEREBY 

BAILED DISPOSSESSION INTERROGATION OFFEREES REMANDING WHEREFORE 

BAILEE DISPOSSESSORY INTERROGATIONS OFFEROR REMANDS WHEREIN 

BAILEES DISTRAINT INTERROGATOR OFFERORS REMEDIATE WHEREOF 

BAILIFF DISTRIBUTEE INTERROGATORIES OPTIONEE REMEDIATED WHEREON 

BAILIFFS DISTRIBUTEES INTERROGATORS OPTIONEES REMEDIATING WHERETO 

BAILMENT DOCKET INTERROGATORY OVERRULE REMEDIATION WHEREUNDER 

BENEFICIATION DOCKETED INTESTACY OVERRULED REMEDIATIONS WHEREUPON 

BONA DOCKETING INTESTATE OVERRULES REMEDIED WHEREWITH 

BONAFIDE DOCKETS IRREVOCABILITY OVERRULING REMISED WHISTLEBLOWERS 

BREACH DONEES IRREVOCABLE PARA REPLEVIN WHOMEVER 

BREACHED DULY IRREVOCABLY PARI REQUESTER WHOMSOEVER 

BREACHES EJECTMENT JOINDER PASSU REQUESTOR WHOSOEVER 
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BREACHING ENCUMBER JUDICIAL PECUNIARILY REREGULATION WILFUL 

CERTIORARI ENCUMBERED JUDICIALLY PERJURY RESCIND WILLFUL 

CESSION ENCUMBERING JUDICIARIES PERMITTEE RESCINDED WILLFULLY 

CHATTEL ENCUMBERS JUDICIARY PERMITTEES RESCINDING WILLFULNESS 

CHATTELS ENCUMBRANCE JURIES PERPETRATE RESCINDS WITNESS 

CHOATE ENCUMBRANCER JURIS PERPETRATED RESCISSION WITNESSES 

CLAIM ENCUMBRANCERS JURISDICTION PERPETRATES RESCISSIONS WRIT 

CLAIMABLE ENCUMBRANCES JURISDICTIONAL PERPETRATING RESTITUTIONARY WRITS 

CLAIMANT ENDORSEE JURISDICTIONALLY PERPETRATION RETENDERING  

CLAIMANTS ENFORCEABILITY JURISDICTIONS PERSONAM RETROCEDE  

CLAIMS ENFORCEABLE JURISPRUDENCE PETITION RETROCEDED  

CODEFENDANT ENFORCEABLY JURIST PETITIONED RETROCESSIONAIRES  

CODEFENDANTS ESCHEAT JURISTS PETITIONER REVOCABILITY  

 



97 

 

 

Modal Words Strong 

ALWAYS 

BEST 

CLEARLY 

DEFINITELY 

DEFINITIVELY 

HIGHEST 

LOWEST 

MUST 

NEVER 

STRONGLY 

UNAMBIGUOUSLY 

UNCOMPROMISING 

UNDISPUTED 

UNDOUBTEDLY 

UNEQUIVOCAL 

UNEQUIVOCALLY 

UNPARALLELED 

UNSURPASSED 

WILL 
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Modal Words Weak 

ALMOST 

APPARENTLY 

APPEARED 

APPEARING 

APPEARS 

CONCEIVABLE 

COULD 

DEPEND 

DEPENDED 

DEPENDING 

DEPENDS 

MAY 

MAYBE 

MIGHT 

NEARLY 

OCCASIONALLY 

PERHAPS 

POSSIBLE 

POSSIBLY 

SELDOM 

SELDOMLY 

SOMETIMES 

SOMEWHAT 

SUGGEST 

SUGGESTS 

UNCERTAIN 

UNCERTAINLY 

 

 

 

 


